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ABSTRACT

Cross-National Effectiveness of Cognitive/Affective, Demographic, and Skills Selection
Criteria (December 2016)

Wei Wang, MBA, Texas A&M International University;
Chair of Committee: Wang, Haibo, Ph.D.

Although high unemployment rates exist in many countries of the world, companies
continue to struggle to hire candidates whose personality traits and competencies match their
needs. High unemployment rates and a global talent shortage can be seen as a fascinating
contradiction that merits future research. This study investigates suitable personnel selection
methods that assist recruiters in seeking the right person with the potential to contribute most
to a business. It consolidates theories about personnel selection in a cross-national setting and
link them with specific personality traits, job competencies, and person-organization fit (P-O
fit) that could predict and enhance employee outcomes. The Most Valuable Employees and
Average Contribution Employees can be classified by using Data Envelopment analysis
(DEA) and Naïve Bayesian analysis based on a set of standards.
Using analysis of variance (ANOVA), different aspects of personality traits, employee
competencies, P-O fit, and biographic information, these characteristics are found to
influence the key workplace outcomes in the United States and China. In both countries, the
three

dimensions

in

the

HEXACO

personality

inventory

(Honesty-Humility,

Conscientiousness, and Openness to Experience) are found to significantly effect the
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workplace outcomes. In addition, job competencies, and P-O fit are also proven to be
significantly associated with the key work outcomes in these two countries. There are several
limitations in this study associated with a relative small number of primary data collected
from them. However, this study employs a web-based dynamic survey system to save time,
improve the response rate, and provide assessment accuracy. Furthermore, DEA and Naïve
Bayesian classifiers help to separate the Most Valuable Employees from other employees,
which may have practical significance for both researchers and practitioners.
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CHAPTER I
INTRODUCTION
This study investigates suitable personnel selection methods that assist recruiters in
seeking the right person with the potential to contribute most to a business.1 Based on
resource-based theory, human capital is a source of sustained competitive advantage of
organizations (Coff & Kryscynski, 2011; Conner, 1991; Grant, 1991). However, several
management dilemmas exist in organizations. For example, imperfect and asymmetric
information about the applicants’ capabilities and knowledge exists in the labor market, and
employers are not certain about the job candidates’ abilities and whether they would make
the commitment to become proficient in a firm-specific skill. Moreover, it is difficult to
anticipate how well job candidates will fit into the organizations (Coff & Kryscynski, 2011).
Although high unemployment rates exist in many countries of the world, companies
continue to struggle to seek candidates whose personality traits and competencies match their
needs. High unemployment rates and a global talent shortage can be seen as a fascinating
contradiction that merits future research. Projections show that in 2020, the job market will
have a gap of 1.5 million in the United States and a gap of 23 million in China (Dobbs &
Madgavkar, 2012). New research from McKinsey (2015) found that 87 percent of study’s
respondents suffer from the problem of talent shortage, which reviewed the widespread
impact of the global talent shortage. One of the main problems is the talent-organization
mismatch; many talented workers work in positions that do not suit them (Ray et al., 2012).
Organizations need to determine the skill sets that companies already have, probe the skill
sets they need to meet company objectives, estimate the gap between the two, and try to
bridge it. In addition, human capital professionals must pinpoint the talent they need and
This dissertation follows the model of Human Performance.
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specify the methods needed to acquire and develop these individuals. Job candidates should
have the right skills, personality, experiences, and cultural fit.
The workplace and workforce of tomorrow will be quite different than today’s labor
market. In order to keep up with the fast growth of the global economy, human capital
professionals need to anticipate and plan for the human capital of the future (Ray et al., 2012).
For example, Millennial workers have become the backbone of society and are filling the
labor market. However, there is currently a high turnover rate of Millennial employees for
many companies in the United States, especially in start-up businesses (Hershatter & Epstein,
2010). As a result, higher turnover costs and lower employee engagement has occurred
(Boudreau, 2010; Heskett, 2007). Some Millennial employees have switched to other
companies because of higher salaries or the organizations’ reputations. Since they are
exposed to many more opportunities and choices because of access to different information
sources, they are apt to switch to another company after they gain job experience in a start-up
company (Raines, 2002; Thompson & Gregory, 2012). These losses are monumental to startup companies due to the high cost of turnover and loss of knowledge. This results in a
vicious circle because the remaining employees inherit higher workloads and morale
decreases, which lead to a lower engagement and performance (Junginger, 2008). Their
research shows that employees in Southeast Asia are slightly less engaged than their global
counterparts, and only 17 percent of Chinese employees are involved in their jobs (Ray et al.,
2012). Therefore, the need to improve job performance, tackle the high turnover rate, and
contend with withdrawal behaviors have become urgent problems that businesses must
resolve.
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Successful employees in different positions have a distinctive set of features. A number
of standard measures evaluate job “success,” such as task performance, withdrawal behaviors,
counterproductivity, and organizational citizenship behavior (OCB) (Drasgow et al., 2012;
Rich et al., 2010). Some personal traits are also used to evaluate the employees’ degree of
success, such as job-related education, skills and experience, level of satisfactory output,
absence of errors, the capacity to make reasonable decisions, imagination and creativity to
lower costs and improve profits, respect for the feelings of others, politeness and
consideration, willingness to help others accomplish their objectives, initiative, reliability,
and perseverance (Borman et al., 2001). Successful employees can be selected through this
set of criteria. Considering the major challenges of businesses in the United States and China
concerning the high turnover rate and the person-organization mismatch, this study focuses
on the personality traits and competencies of employees, as well as P-O fit, which can effect
their job performance, turnover intention, absenteeism, and tardiness.
1.1 Purpose of the Study
Although different personnel selection research and scales have been developed in recent
decades, there is still a lack of systematic empirical study concerning the influence of
demographics, personality traits, job competencies, and P-O fit on personnel selection criteria.
Therefore, the main objective of this study is to consolidate theories about personnel
selection in a cross-national setting and link them with specific personality traits, job
competencies, and P-O fit that could predict and enhance employee outcomes.
1.2 Research Questions
This study aims to answer whether specific aspects of personality traits, biographical
information, employee competency, and P-O fit influence workplace outcomes, such as job
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performance, turnover intention, absenteeism and tardiness, and whether there are some
common traits of the Most Valuable Employees. Most Valuable Employees and Average
Contribution Employees can be classified by using DEA and Naïve Bayesian analysis based
on a set of standards. The present study employs the six dimensions of personality traits in
the HEXACO personality inventory: Honesty-Humility, Emotionality, Extraversion,
Agreeableness, Conscientiousness, and Openness to Experience. Demographic data,
competency measures, and P-O fit are also included in this study to investigate how each
dimension contributes to workplace outcomes.
1.3 Contribution of the Study
This study contributes to human resource management and international business
research in the literature in the following ways: 1) It provides evidence regarding the
influence of personality traits, employee competency, and P-O fit on workplace outcomes. 2)
It is conducted in the United States and China, which provides a way to compare the results
between the two countries in talent selection. There is still a lack of research concerning the
comparison and explanation of the relationship between personality differences and
workplace outcomes in countries with different cultural norms. 3) This study employs a webbased dynamic test system to save time, improve the response rate, and provide assessment
accuracy. 4) DEA and Naïve Bayesian classifiers help to separate the Most Valuable
Employees from other employees, which are an important reference population in personnel
selection process. Naïve Bayesian analysis is more suitable for work with nominal variables
than other approaches, such as artificial neural networks and genetic algorithms. It will be
used to screen and determine the individuals who have the highest fit level and compatibility
with the training set.
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CHAPTER II
LITERATURE REVIEW
This chapter presents a literature review of personnel selection, P-O fit, workplace
outcomes (turnover intentions, job performance, absenteeism, and tardiness), and the
problems of personnel selection measures. The literature related to the main concepts
employed in this study is also reviewed.
2.1 Personnel Selection Criteria
Companies competing for talents must address the importance of choosing organizational
members. The decisions of personnel selection have a critical impact on an organization’s
strategic success and competitiveness. The primary task of personnel selection is to screen
job candidates; to understand their real competency, values, and personality; and to identify
the specific characteristics of employees who are best equipped to meet the job demands
(Cooper, 1995). Finding the best-matched talents and achieving employee fit are becoming
more important than selecting the so-called most capable talents and the ones with the
highest scores in socially desired personalities.
Recruiters need to take into account the job classifications and task categories to choose
the best-matched candidates to fill specific categories. The human resource planning process
consists of multiple steps. The first step is forecasting, which attempts to predict the future
supply and demand for various types of talents. The second step is goal setting and strategic
planning. Setting specific quantitative goals helps to provide a standard for “determining the
relative success of any programs aimed at redressing a pending labor shortage or surplus”
(Hollenbeck et al., 1997). This step is critical because many options available to the planner
differ widely in their expense, speed, effectiveness, amount of human suffering, and how
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easily the change can be undone. The third step of the planning process is program
implementation and evaluation. Program implementation is meant to guarantee that specific
talents are available in an organization to achieve goals. The final step is the evaluation of the
results.
Personnel selection is the process through which organizations decide which job
candidates will be allowed to work for them. Personnel selection procedures consists of
several generic standards, such as reliability (“the consistency of a performance measure; the
degree to which a performance measure is free from random error”, validity (“the extent to
which a performance measure assesses all the relevant aspects of job performance”),
generalizability (“the degree to which the validity of a selection method established in one
context extends to other contexts”), utility (“the degree to which the information provided by
selection methods enhances the effectiveness of selecting personnel in real organizations”),
and legality (“all selection methods should conform to existing laws and existing legal
precedents”) (Hollenbeck et al., 1997). Recruiters are more interested in applicants’
demographic characteristics (like age, sex, education level, income level, marital status,
occupation, religion, average size of family, and average age at marriage), their personality,
skills, and competencies (Hollenbeck et al., 1997; Rynes, 1989).
2.1.1

Selection Interviews

The generic standards of personnel selection assist human resource professionals in
screening selection measures. Based on these standards, there are some advantages and
disadvantages of common selection methods. Selection interviews were defined as “a
dialogue initiated by one or more persons to gather information and evaluate the
qualifications of an applicant for employment” (Posthuma, 2002, p.3). Most organizations
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use selection interviews, which are the most widespread selection methods. However, as a
kind of subjective selection method, selection interviews can be biased, invalid, and
unreliable in different organizations. Another disadvantage is that selection interviews are
relatively costly.
Two main types of selection interviews were discussed by Cooper and Robertson (1995)
- traditional ad hoc interviews and structured interviews. Compared with traditional
interviews, structured interviews are much better because they focus on job-related features.
Moreover, structured interviews are more valid, reliable, and practical than the traditional ad
hoc interviews (Cooper, 1995).
2.1.2

Biographic Information

Another commonly used personnel selection method is biographical information (biodata)
investigation because of the premise that the past performance is the best indicator of future
performance. Biodata measures have been proven to be good selection tools for personnel
selection (Cucina et al., 2012). Like several other personnel selection approaches, biodata
investigations have many unique features focus on the statistical links between a person’s life
events/ characteristics and future performance, turnover and absenteeism, rather than any
psychological links between predictors and criteria. Evidence suggests that biodata
instruments are capable of predicting important aspects of job performance (Cooper, 1995).
Application forms and biographical questionnaires are the two main ways of collecting
biodata. Application forms request limited amounts of information - age, marital status,
previous employment history, etc. Biographical questionnaires ask for more detailed lifehistory information, including objective (hard and verifiable) and subjective (soft and
unverifiable) items (Chamorro-Premuzic & Furnham, 2010). Evidence suggests that the use
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of biodata collected directly from job applicants is more valid and reliable than other means,
especially for workplace outcomes such as turnover (Conner, 1991). The use of a biodata
investigation is significantly enhanced because of the low cost of obtaining such information.
Biodata inventories are valid predictors of job performance and can screen out unsuitable
applicants in pre-employment process. Evidence demonstrated that demographical
information are significantly related to turnover, absenteeism, accident rates, and success on
the job (Cooper, 1995). Some studies argued that biodata provide

comparable valid

predictors of job performance and occupational success to traditional personality scales
(Mount, 2000). Oswald et al. (2004) found that some types of biodata, such as health and
ethics, are significantly related to employee absenteeism. For example, healthy employees
tend to have lower absenteeism rate (Oswald, 2004). Moreover, biodata is capable of
reducing adverse impacts in comparison to cognitive ability tests (Stokes et al., 1994).
However, Hakel (2013) investigated the validity of biodata in racial and ethnic groups and
found a lack of validity in Hispanic and African American subgroups. Biodata predictions of
Caucasian performance were lower than reported but practically significant (Chamorro ‐
Premuzic & Furnham, 2007). This study aims to extend their research and examine the
validity of U.S. and Chinese subgroups.
Biodata measures also have some disadvantages. Resume fraud, which means that
resume was audited and contains inaccurate information, is the primary drawback of biodata
use. Background checks can address this problem but are unreliable in many organizations.
Evidence suggests that unverifiable items increase the probability of faking (Becker, 1992).
To reduce the probability of an applicant faking socially desirable responses, open-ended
questions – e.g., “give three examples of situations where you showed to work well under
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pressure” (Hough, 1984, p.136) – can be employed so that candidates must elaborate on their
answers. Studies showed that the validities of elaborative items are higher than those of
standard biodata (Schmitt, 2003). The following section discusses the faking issue of
personnel selection.
2.1.3

Cognitive Ability

Several reviews indicate that cognitive tests, which measure general mental ability (GMA)
(Digman & Takemoto-Chock,1981), are valid in the majority of work settings in personnel
selection. Cooper and Roberaretson (1995) claimed that cognitive tests are the most
extensive and conclusive personnel selection methods. The validity of cognitive tests has
been debated for a long time. Schmidt and Hunter (1993) conducted studies to investigate the
validity of cognitive tests in personnel selection; the results “showed that when adjustments
were made for various factors, such as sample size and restrictions in the range of scores
available, the studies of cognitive ability tests yield remarkably consistent results” (p. 8). It
was proven that cognitive tests can be valid in a wide range of settings and can be employed
to predict job performance in the workplace (Murphy, 1988). It implies that GMA tests
should be included in most selection procedures.
Today, cognitive ability tests are employed by an increasing number of organizations in
their personnel selection processes. Cognitive ability tests, particularly GMA scores, have
been proven to be the single best predictor of work performance (Chamorro-Premuzic &
Furnham, 2010). The first seminal reviews on the subject conclude that GMA is one of the
best aptitude predictors of training and job performance

because employees with high

GMA scores tend to work faster, better, and more effectively (Ghiselli, 1973). Hunter and
Schmidt (1996) argue that most of an individual’s GMA effects on job performance can be
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explained by job knowledge. Furthermore, a supervisory rating is positively related with
GMA: Higher supervisory ratings translate into higher job performance. The importance of
GMA at work is not limited to desirable workplace outcomes; it has been proven to be
negatively associated with counterproductive work behaviors such as employee theft, high
absenteeism levels, and tardiness (Chamorro-Premuzic & Furnham, 2010). The inhibitory
effects of higher GMA scores enable brighter employees to foresee the negative
consequences of counterproductive behavior, and inhibit them (Lubinski, 2000). Salgado et
al. (2003) did a meta-analytic study of GMA validity for different occupations in Europe
showing that “there is validity generalization and large operational validities for job
performance and training success in 11 occupational groups, and job complexity moderated
the magnitude of the operational validity of GMA tests” (p.1068). Hence, job complexity
should be considered in GMA tests.
GMA involves “the ability to reason, plan, solve problems, think abstractly, comprehend
complex ideas, learn quickly and learn from experience. It is not merely book learning, a
narrow academic skill, or test-taking smarts. Rather, it reflects a broader and deeper
capability for comprehending our surroundings” (Gottfredson, 1997, p.13). Cognitive ability
tests include the following three main dimensions:
Verbal comprehension concerns an individual’s ability to understand and use spoken and
written language.
Quantitative ability refers to a person’s accuracy and speed in solving arithmetic
problems.
Reasoning ability concerns an individual’s ability to solve many diverse problems
(Hollenbeck et al., 1997).
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Organizations choose to focus on different aspects of a candidate’s cognitive ability, and
the complexity of the job determines the validity of cognitive ability tests: the higher the
complexity of the job, the higher validity of the tests. LePine et al. (2000) found that the
predictive validity for the cognitive ability tests is “also higher in jobs that are dynamic and
changing over time and thus require adaptability on the part of the job incumbent” (p.563).
Jobs in rapidly changing industries, such as technology require employees with higher levels
of cognitive ability to quickly adapt to rapidly changing conditions (Burrows, 2010).
One major shortcoming of cognitive ability tests is that they may have adverse impacts
on minority groups. The United States Uniform Guidelines on Employee Selection
Procedures defines adverse impact as “a substantially different rate of selection in hiring,
promotion, or other employment decision which works to the disadvantage of members of a
race, sex, or ethnic group” (Hough et al., 2001, p. 213). Adverse impact occurs when facially
neutral employment practices negatively impact selected groups of people more than others.
For example, although a student who scores 99 outperforms a student who scores 90, any
score between 90 to 100 gets a 4.0 for the course. The use of narrower banding, which
suggests similar groups of people whose scores differ by only a small amount, will enhance
the validity and accuracy of personnel selection.
While cognitive ability tests are used to measure what the candidates can do in the
workplace, personality tests attempt to measure what the candidates are like and what they
want to do. Although cognitive tests are reliable measures of personal traits, the validity and
generalizability of these measures yield mixed results (Morgeson, 2007). Therefore, GMA is
not the only predictor of job performance and occupational success, but it is a useful and
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accurate indicator of individual’s ability to learn new things, solve complex problems, and
adapt to environments (Chamorro-Premuzic & Furnham, 2010).
2.1.4

Personality Traits

Cognitive ability tests are concerned with people’s capacity to process information, while
personality trait measures focus on person’s behavior styles, which take workplace
predictions to the next level (Cooper, 1995). Personality traits are widely defined as “stable,
inner, personal dispositions that determine relatively consistent patterns of behavior,
including feelings and thoughts, across different situations” (Chamorro ‐ Premuzic &
Furnham, 2007, p.176). They are the cause of behavioral differences among people in a given
situation, and these different behaviors tend to remain across different situations. In other
words, a group of people with differing personality traits will not react in the same way in
any number of situations, but when a group of people with same personality traits will act
similarly in those situations. Personality trait measures help human resource professionals
predict employees’ workplace behaviors in a number of situations (Chamorro-Premuzic &
Furnham, 2010).
Cognitive ability is measured by objective tests, while personality traits are usually
measured by subjective inventories; as a result, many scholars have questioned the validity
and accuracy of these subjective assessments (Dess & Robinson, 1984; Maderick, 2013).
Respondents to subjective measures may have less difficulty manufacturing false answers or
deliberately misleading the test creators than they do with objective tests (Gordon, 1991).
However, subjective examinations offer certain advantages and outperform objective
measures in some aspects. First, subjective measures can take into account aggregate data,
which reflect how people have performed or how they perform most of the time. Second,
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objective performance tests, which only assess people’s ability once, may not be accurate.
Several factors can influence objective performance test scores, such as anxiety, fatigue, and
illness. These factors may lead to test-takers’ underperformance and threaten the validity of
objective tests, but they seldom impact subjective test reports (Chamorro-Premuzic &
Furnham, 2010).
When comparing biographical information to personality inventories, some studies
suggested that biographical information had incremental validity over personality inventories
(Mount, 2000). Others claimed that when similar outcomes were predicted, personality
inventories showed an incremental validity over biographical information (McManus, 1999).
The debates on the validity of personality traits on personnel selection have gone on for
decades. Human resource professionals tend to assign more weight to personality-trait reports
than to ability tests, but are reluctant to accept the validity of the self-report because of the
issue of faking (Chamorro-Premuzic & A. Furnham, 2010). Other researchers have argued
that the relationship between personality and workplace outcomes is impacted by situational
factors. The same personality trait might be a disadvantage in some situations but an
advantage in others (Chamorro-Premuzic & Furnham, 2010). The faking problem will be
discussed in the following section. Concerning the moderator’s role in situational factors,
human capital professionals should identify the personality aspects in the workplace in
general, and in the occupation in particular.
Meta-analytical evidence suggests that personality inventories are significantly associated
with workplace outcomes if personality traits are assessed accurately in the correct context.
For example, Hough et al. (1990) confirmed that personality traits are valid predictors of job
performance by testing military occupations. Barrick and Mount (1991) conducted a meta-
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analysis of the Big Five personality traits and workplace outcomes from 117 investigations
published between 1952 and 1988, which showed the predictive power of conscientiousness
scales on job performance and the validity of other personality traits in a specific context.
The results of Tett et al. (1991) replicated many findings from the studies of Barrick and
Mount. They even found that confirmatory studies yielded even higher validities for the
predictive power of personality traits on job performance than previously believed. The
employment of personality tests commend their use in many work settings, particularly since
they add value beyond that carried by cognitive tests. Hakel (2013) found that personality
inventories predict workplace criteria, even though people have motivations to show a
socially-desirable manner. When the personality measures are combined with cognitive tests,
they enhance criterion-related validity and reduce adverse impact from protected groups.
In addition to these commonly used selection methods, there are additional types of
personnel selection measures. For example, work-sample tests observe the job candidate’s
performance by simulating the job in a pre-hiring context. Case studies and role play are
typical methods of work-sample tests, which allow the employer to observe the applicant’s
responses in certain situations (Palmeri, 2006). Many companies administer honesty tests and
drug-use tests. The honesty tests come in different forms, which can be directly designed or
indirectly designed. Direct questions ask for the admission of past theft or associations with
people who have a history of theft. Indirect questions draw on the more personal traits of
social conformity, emotional stability, and conscientiousness (Wanek, 2003). The evidence
suggests that both direct and indirect honesty tests can predict theft and other disruptive
behaviors in the workplace.
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New trends and challenges in personnel selection include the supply-and-demand
relationship changes in the labor market, job applicant perceptions about the labor market,
the relationship between employers and employees in an organization, as well as technology
development and the use of the internet (Lievens, 2002). IIes and Roberson (1997) stated that
recruitment procedures need to consider the individual’s psychological processes, such as
self-efficacy, self-esteem, and attitudes toward organizations and corporate cultures.
Information technology revolution and the use of the internet and artificial intelligence
has had a great influence on personnel selection. In recent years, many personnel selection
and recruitment questionnaires have been processed with computers and through the internet
(Buchanan & Smith, 1999; Hertel et al., 2002; Potosky & Bobko, 2004). Artificial
intelligence helps to create and analyze dynamic questionnaires and open-ended questions,
which is a big step in the development of personnel selection (DeVault, 2015; Hooper et al.,
1998).
2.2 Workplace Outcomes
2.2.1

Turnover Intentions

The issue of employee turnover is very important to an organization. Managers need to
consider the consequences of employee turnover, such as the separation costs, patterns and
costs of employee acquisition, the quality and value of the new workforce, etc. (Boudreau,
2010). There are two types of employee turnover: voluntary and involuntary. Voluntary
turnover, such as resignation, can be for such reasons as switching to another job that offers
better pay and benefits or more responsibility. Involuntary turnover such as retirement, layoff,
or death, is more difficult to control than voluntary turnover. Therefore, most organizations
pay more attention to voluntary turnover (Lambert et al., 2001; Lee et al., 1992).
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Turnover can be functional or dysfunctional for an organization. For example, if an
organization losses unproductive employees, the turnover is functional. In contrast, the loss
of valued employees is dysfunctional for an organization (Abelson & Baysinger, 1984). In
replacing employees, studies indicate that two types of employees are hard to replace: 1)
employees with specific knowledge about some particular aspect of the organization or
knowledge that “is difficult to acquire and crucial to effective performance” and 2)
employees “whose skills are in relatively short supply” (McEvoy & Cascio, 1987, p.745).

FIGURE 2 Performance-replaceability strategy matrix (Mello, 2014).

The performance-replaceability strategy matrix (as seen in FIGURE 2) as showed above
need to be applied according to the shifts of organizations’ strategic plans. An organization
should evaluate the performance and replaceability periodically to cater to the organizational
needs. Moreover, such an evaluation must combine with the changes in strategic plans and
related implications for staffing (Cascio, 1991).
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The costs of voluntary turnover also have significant operational effects on organizations.
These costs mainly include 1) separation costs, such as costs of exit interviews,
administrative time, and pension and benefit payouts; 2) replacement costs, such as preemployment administrative time, entrance interviews, testing, travel/moving expenses, and
medical exams; 3) training costs, such as formal training and new employee orientation; and
4) lost productivity, such as performance difference between leavers and stayers, loss of
business with departing employees, loss of institutional memory, and decreased survivor
productivity (Cascio & Boudreau, 2011).
Besides the costs of voluntary turnover, Cascio and Boudreau (2011) stressed the
significance of voluntary turnover of pivotal talent pools. Companies’ talent pools are
divided into pivotal and non-pivotal types. Pivotal talent pools include employees who
contribute most to organizations’ strategies and are valuable to organizations. “These talents
make the biggest difference in strategically important outcomes” (Cascio & Boudreau, 2011,
p.84). Research proposed that some companies’ top performers were up to 300% more
productive than average employees, and it was more difficult to retain these employees
(Sullivan, 2007). Moreover, the loss of pivotal talents who are central to customer networks
can be extremely disruptive in service-oriented enterprises (Lublin, 2006). Therefore, it is
more important to measure the voluntary turnover of the pivotal talent pools because the
quantity and quality of these talents make the biggest difference in organizations’ strategic
outcomes. In order to manage turnover, an organization’s goal should focus on retaining
pivotal talents. The overall performance and replaceability of the pivotal talents play crucial
roles in an organization’s strategic success (Cascio, 1991).
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There seems to be a curvilinear relationship between past performance and future
turnover, especially for complex jobs. The worst and top performers were found to leave
more frequently than the average performers (Schaufeli, 2003). The worst performers often
quit when there is evidence of their relatively poor performance. In contrast, the top
performers usually have many other employment opportunities (Nyberg, 2010).
Turnover intention refers to employees’ intention to leave their current organizations or
professions through voluntary turnover. Instead of investigating actual turnover, several
studies investigated turnover intention because it was claimed that behavioral intention is a
good predictor of actual behavior. Previous studies have successfully demonstrated that
turnover intention is consistently correlated with actual turnover (Chiu, 2003; Mobley &
Hollingsworth, 1978). There is a sequence of processes of turnover intention, including
“thinking of quitting, intentions to search, and intention to quit” (Jeswani, 2012; Mobley &
Hollingsworth, 1978; Mobley et al., 1978). Turnover intention is mainly influenced by a
number of factors such as individual factors, organizational factors, individual values and
norms, as well as job-related and labor-market expectations (Mobley, 1979).
Several factors explain voluntary turnover decisions. Dissatisfaction at current
employment and better job opportunities are the main reasons for voluntary turnover. In
order to reduce the dysfunctional turnover, one of the efficient methods is to screen out
potential leavers during the selection process. Psychological and personality tests have been
proven capable of identifying future leavers (Cascio, 1991; Inwald, 1988). Inward (1988) did
research utilizing a psychological test on the selection of public safety officers and found that
optimally weighted test scores identified 68 to 75 percent of officers who left the
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organization within five years after hire. Skills and competencies also influence
dysfunctional turnover.
Barrick and Zimmerman (2009) claimed that very little research had investigated the
possibility that employers are able to assess and prevent turnover before job candidates start
working. Their study tested the validity of some pre-hire variables in predicting job
performance and voluntary turnover. The pre-hire variables employed by their study included
biodata, personal confidence scales, employment motivation scales, and personality traits.
Results revealed that “applicants who knew current employees, had longer tenure with
previous employers, were conscientious and emotionally stable, were motivated to obtain the
job, and were confident in themselves and their decision making were less likely to quit, and
had higher performance within six months after hire” (p.203). Therefore, this study employs
a set of pre-hire variables to select the job candidates who are more likely to be most
valuable employees and screen out potential leavers.
2.2.2

Job Performance

Besides turnover and turnover intentions, another important factor for workplace
outcomes is job performance. Instead of investigating the value of talents, the key question
for human resource professionals is “in which talent pools performance variation creates the
biggest strategic impact” (Cascio & Boudreau, 2011, p.223).
Performance in the workplace consists of two aspects -- performance as behavior and
performance as outcomes. Employees’ job performance includes of diverse work behaviors.
Employers are concerned with how well those behaviors are executed. From the perspective
of managers, job performance consists of outcomes (Cardy, 2011). Both behavioral and
outcome criteria have advantages and disadvantages for performance measurement. For
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example, behavioral criteria provide a clear map of how to maximize performance, as well as
offer direct feedback to workers. But it can be costly to develop the criteria because
employees’ behaviors are specific and difficult to measure (Anderson & Oliver, 1987). In
addition, the engagement in all of the correct behaviors may not be able to generate desired
outcomes. On the other hand, outcome criteria can be easily and objectively measured, and
lead to increased productivity and bottom-line performance of an organization. However, it
may not be under the control of employees, or provide direct feedback to workers (Cardy,
2011). Therefore, a contingent model that combines both of these approaches yields better
validity.
Performance measurement also depends on characteristics of different jobs. Performance
is measured differently across jobs for various reasons. The nature of a job determines the
room for discretion and the variability in job performance. Another factor that influences
performance measurement is the relative value to the organization of variations in
performance. Performance variation is critical to the strategic success of an organization, but
varies across organizations. For example, the performance differences in R & D personnel
who research new medicine development for pharmaceutical companies are vital to the
companies’ competitiveness. However, the performance variation of express couriers is much
less vital because the job complexity is much lower than R & D jobs. Five performance
measurement criteria are widely used: strategic congruence, validity, reliability, acceptability,
and specificity (Hollenbeck et al., 1997). Strategic congruence is “the extent to which a
performance management system elicits job performance that is consistent with the
organization’s strategy, goals, and culture” (Hollenbeck et al., 1997, p. 259). It emphasizes
the importance of employees’ contributions to the organization’s strategic success. Validity is
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the extent to which a performance scale assesses all the relevant aspects of performance.
Reliability concerns the consistency of a performance measure. Acceptability refers to “the
extent to which a performance measure is deemed to be satisfactory or adequate by those
who use it” (p. 260). Specificity is “the extent to which a performance measure gives detailed
guidance to employees about what is expected of them and how they can meet these
expectations” (p.261).
Compared with traditional testing, the performance-assessment model is attractive
because it is capable of capturing complex and integrated performance skills. In addition,
people are free to use different strategies to perform a task, and task performance can be
evaluated against a fixed standard (Hakel, 2013). However, the performance-assessment
model has some drawbacks. Subjective evaluations are both costly and vulnerable to the
effects of errors. Moreover, the evaluations may be influenced by a set of situational factors
like candidate characteristics (Reilly, 1990; Schmitt, 1977). Therefore, the performanceassessment model suffers from several substantive problems.
In order to combine the advantages of different performance measurements, the
performance scale used in the present study includes supervisor’s rating, quality, quantity and
efficiency of the production, and employees’ adaption and flexibility in the workplace.
2.2.3

Absenteeism

Absenteeism is defined as “any failure to report for or remain at work as scheduled,
regardless of reason” (Cascio & Boudreau, 2011, p.52). Absenteeism excludes all other
scheduled or authorized absences at work, such as personal leave, vacation, etc. Unscheduled
absences are generally costly for organizations because they are unpredictable. The main
causes of absenteeism include personal illness, medical appointments, and family-related
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issues. It was reported that, in the United States, 35 percent of absenteeism is caused by
personal illness (Cascio & Boudreau, 2011).
Absenteeism is pervasive both across organizations and across international boundaries.
Absenteeism was reported to cost a lot of money per year in reduced productivity. It is a
critical factor that causes productivity loss (Cascio, 1991). Moreover, it increases work load,
undesired overtime, accidents, and conflicts with co-workers. For work groups, absenteeism
leads to coordination problems and is detrimental to productivity (Goodman & Atkin, 1984).
Therefore, it has severe consequences for organizations.
There are some major influences on employee absenteeism: job situations such as “job
scope, role stress, leader style, co-worker relations, and opportunity for advancement;
employee values and job expectations; personal characteristics such as age, sex, tenure, and
education; ability to attend the job; and pressure to attend the job, like economic conditions,
incentive/reward systems, work-group norms, personal work ethic, and organizational
commitment” (Goodman & Atkin, 1984, p.39).
Due to developments in technology and the changing nature of certain jobs, the costs of
absenteeism are measured differently. Various time-flexible work arrangements have
emerged in recent years. The efficiency and performance of such work is measured not by
attendance, but by results. However, absenteeism is still critical to organizations because
“millions of workers are scheduled to report to a central location, such as a factory, an office,
a retail store, or a call center” (Cascio & Boudreau, 2011, p.53). Therefore, the influences on
absenteeism depend on the nature of the work. Absence effects organizations’ strategic
outcomes when other employees need to do the work of absent employees. Failure to attend
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work may result in a working process to stop, or the absence leads to delays or missing
certain activities.
For human resource professionals, the primary consequences of absenteeism is the direct
and indirect costs associated with absenteeism. Personal illness and disability are the typical
types of direct costs that include actual benefits paid to employees (Goetzel et al., 2003). On
the other hand, indirect costs such as delays, lower productivity of replacement employees,
and reduced morale of coworkers, lead to declining productivity. The leading reason for
paying attention to absenteeism costs is that translating individual behaviors into economic
terms helps human resource professionals grasp the burdens absenteeism imposes (Munro,
2009). Furthermore, it helps to create a baseline to evaluate the absenteeism behaviors and
the effectiveness of absence-control programs. Cascio (2011) claimed that excluding
scheduled absences such as vacations and holidays, the total direct and indirect costs of
absenteeism account for 9 percent of payroll. Generally speaking, there are four categories of
employee absenteeism costs: “costs associated with absentees themselves” such as employee
benefits and wages; “costs associated with managing absenteeism problems” such as
supervisors dealing with the absenteeism consequences; “the costs of substitute employees”;
and “costs of reduced quantity or quality of work output” such as idle machines, poor
customer service, and declining productivity of replacement workers (Cascio & Boudreau,
2011, p. 46).
2.2.4

Tardiness

Another employee withdrawal behavior that may significantly influence organizational
success is employee tardiness, which means arriving late to work. Tardiness was examined as
an important aspect of employee withdrawal behavior. Debates surrounding rising
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absenteeism and tardiness mainly include the assertions that “hard work no longer pays off”
and “employees are becoming lazy” (Leigh, 1988, p. 81). Although several industrial
psychologists, sociologists, and management scholars have addressed the significance of
absenteeism, research on tardiness has generally been ignored (Leigh & Lust, 1988).
Gupta (1983) suggested that tardiness and absenteeism appear most likely to be exhibited
by employees simultaneously. Some demographical data is related to employee tardiness.
Rosse and Miller (1984) conducted a review of the literature on the relationship between
employee absenteeism and tardiness. Results revealed that tardiness and absence may be
positively related because of similar causes, such as unpleasant work environment (Rosse &
Miller, 1984). Another explanation is that these two withdrawal behaviors “may be positively
related if individuals engage in an ordered sequence of withdrawal behaviors from tardiness
to absence, to voluntary turnover” (Cohen, 2003, p.127). Evidence also suggests that
marriage and years of work experience are negatively related to tardiness. Rosse and Miller
(1984) found that employees “in high-paying professional and managerial jobs; and persons
reporting excessive overtime are tardier than employees in sales, service, and blue-collar
jobs” (p. 197). They proposed that tardiness is not just another form of absenteeism, but these
empirical findings were not entirely convincing. Adler and Golan (1981) confirmed the
relationship between job satisfaction and tardiness can be negative (Adler & Golan, 1981).
However, Martin and Bartol (1985) did not find such a relationship between them.
Affective disposition remains relevant to employee tardiness and other withdrawal
behaviors. Iverson and Deery (2001) proposed that employees with higher positive affectivity
were positively associated with tardiness, but negatively associated with absenteeism
(Iverson & Deery, 2001).
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Besides the debates on the relationship between demographical data, affective deposition
and employee tardiness, the present study investigates whether and how employees’
biographical information, personality traits, competency, and P-O fit impact their tardy
behaviors in the workplace.
2.3 Person-Organization (P-O) Fit
P-O fit is an important aspect of personnel selection procedures and human resource
management. Based on individual and organization characteristics, P-O fit can be defined in
different ways and forms (Kristof, 1996). In the personnel selection studies of Cable and
DeRue (2002), the construct of employee fit focuses on specific factors used by candidates to
determine the desirability of other job options. Kristof (1996) defined P-O fit “as the
compatibility between employees and organizations that occurs under two conditions: at least
one entity offers what the other needs; or these two entities share similar fundamental
characteristics” (p. 3). According to Maurer and Cook (2011), candidates are more attracted
to organizations when they share value profiles. Not surprisingly, those who exhibit a high PO fit level are more attracted to an organization than those who have a low P-O fit level
(Maurer & Cook, 2011). On the other hand, companies have tried to maintain a good fit
between employees and the positions because it is obvious that certain people can perform
better in certain positions rather than in others (Caldwell, 1990). The P-O fit is the “similarity
between organizational values and individual values” (Chatman, 1989, p. 334).
Organizational cultures and value norms are a group product. Although not all group
members would have the same values, a majority of active members will agree on
mainstream values and incorporate them into the core of the organization. All group
members will be aware of these value norms (Chatman, 1989; Katz & Kahn, 1978). Culture
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has a critical impact on the degree of matching prospective employees to an organization
(Rousseau, 1990). Direct or indirect measurements of the P-O fit in correlation or regression
analyses are commonly used to examine the relationship between the P-O fit and potential
outcome (Kristof‐Brown et al., 2005). Direct measures of fit “require individuals to rate the
degree of fit between themselves and the organization on features such as goals or values”
(Meyer et al., 2010, p. 460). Indirect measures of fit use “the calculation of an index of fit
such as correlation, or misfit such as algebraic or squared difference score, based on
independent ratings of personal and organizational characteristics” (Meyer et al., 2010,
p.460).
Meir and Hasson (1982) argued that a good match of values and priorities between
individuals and the organization generated a happier attitude, which lead to a higher retention
rate (Meir & Hasson, 1982). Empirical results have generally supported the hypothesis that
congruence between employees' personalities and their occupation demands would generate
positive influence and therefore lead to a low turnover rate (Meir & Hasson, 1982; Mount &
Muchinsky, 1978). Since organizational values are the combination of the current
employees’ individual values, it is important to understand the employees’ personalities and
value norms. During the personnel selection process, organizations must address the initial
match and compatibility of culture and value norms between new hires and current
employees (Sheridan, 1992).
The essence of personnel selection is to select job candidates with the culture and values
that are compatible with organizational values and screen out individuals with incompatible
values. Measuring individuals’ personality traits, values, competencies, and motives can
predict their behaviors in the workplace since these elements are relatively stable (Staw, 1985;
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Weiss & Adler, 1984). Chatman (1989) stated that compared with job-related skills,
recruitment should focus on personality traits in order to ascertain how the candidates’
cultures and values match organizational values. Recruiters tend to select individuals whose
characteristics are more similar and compatible with current most valuable employees of the
organization (Rothstein, 1980). Tom (1971) investigated the notion of person-situation
complementarity and P-O fit. He researched the role of employee personality and
organizational images in the personnel selection process and found that “the greater the
similarity or congruence between an employee's self-concept and his/her image of an
organization, the more likely that the employee will stay in the job” (Tom, 1971, p. 576). It is
generally acknowledged that cooperative behaviors are vital for teamwork and play an even
more important role in today’s companies. Chatman and Barsade (1995) researched the links
between personality, organizational culture, and cooperation, and found that employees rated
their peers as most cooperative in collectivistic organizations and emphasized that
contributions to the team were more important than individual achievement (Chatman &
Barsade, 1995). Meyer et al. (2010) found a greater commitment and intention to remain with
a company when there was a fit between the preferred and perceived organizational culture.
This study aims to develop a method to select the job candidates who show personalities
and competencies that are similar to and compatible with most valuable employees of the
organization.
2.4 Problems of Personnel Selection Measures
2.4.1

Faking Issue

An inaccurate assessment could have critical consequences for recruitment decisions.
Thus, recruiters need to determine whether the job candidates’ responses are appropriate
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(Emmen & der Boechorstraat, 2011). Several general factors effect how people make
responses, such as language deficiencies, a poorly developed sense of self, or unfamiliarity
with computer operation (Levine, 1979). A major problem of personnel selection
measurements is that job applicants may falsify their answers, which reduces the usefulness
and validity of recruitment tests (Christiansen, 2005; Goffin, 2003). Job candidates tend to
“fake” in order to cater to the preference of recruiters and to show socially-desirable
personality traits. In the context of personnel selection, faking refers to the determined and
calculated effort to respond to questions on a personality test in order to increase the
likelihood of securing employment (Berry & Sackett, 2009). The goal of the faking behavior
is to enhance test performance and receive a job offer. Since job applicants differ in the
degree of faking and response distortion, the approach of adding a constant to each
applicant’s score is not feasible (Donovan, 2003; Mueller-Hanson, 2003). As a result, faking
in personality testing is seen as a major problem of the usefulness and validity of personnel
selection.
In the personality test domain, there are a number of alternatives to traditional selfreporting measures that help to detect and decrease the fake responses. Answer sequence,
time-consuming behavior, and consistent answers to similar questions will be used as a
means of measurement. Fake actions can be found by using this method if there are
contradictions in the two parts of the test. In addition to these methods, artificial intelligence
plays a significant role in detecting fake responses. Cornell University researchers have
developed software that can detect fake reviews. The research combined 400 truthful reviews
with 400 deceptive reviews of Chicago hotels. The results showed that the software achieved
a 90 percent accuracy rate, which is a vast improvement over the 50 percent accuracy rate of
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the average person. Fake answers in both ability tests and personality tests can also be easily
detected by using artificial intelligence approaches. Richman et al. (1999) suggested that less
distortion was found in responses on computerized tests of social-desired personalities as
compared with paper-and-pencil (P&P) tests, especially when participants were alone and
could return to the previous questions.
Another commonly used approach for detecting fake responses is sentiment analysis. It is
important to discern people’s real thoughts during the decision-making process. According to
Cambria (2013), sentiment analysis denotes the use of natural language processing, text
analysis, and computational linguistics to identify and obtain subjective information from the
source material and is useful in determining people’s genuine thoughts. Sentiment analysis
aims to explore individuals’ actual attitudes about certain topics. The analysis can be
classified into four categories: “keyword spotting, lexical affinity, statistical methods, and
concept-level techniques” (p. 72). Keyword spotting groups text by affect words, such as
happy, bored, scared, or sad (Ortony, 1990). Some machine-learning approaches are
frequently used in statistical methods, such as latent semantic analysis, support vector
machines, “bag of words,” and “Semantic Orientation—Pointwise Mutual Information”
(Turney, 2002, p. 419). The cocept-level methods detect semantics that are expressed in an
understated manner (Cambria & Hussain, 2012). Machine learning, natural language
processing techniques, and statistics are used by open-source software tools to perform
sentiment analyses automatically. The accuracy of sentiment analysis systems is usually
evaluated by recall and precision. Generally speaking, a 70 percent accurate program can
perform sentiment analyses as well as human beings (Ogneva, 2010).
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Authors of several extant studies reported employing “warnings” in personnel selection
tests as a means of addressing the issue of faking. Dwight and Donovan (2003) estimated the
effectiveness of warnings at reducing response distortion. They found that job candidates that
did not receive a warning had higher predictor scores than candidates who received a
warning, confirming that warnings reduce prevalence of faking (Dwight & Donovan, 2003).
When non-applicant data was used in selection processes, potential for faking reduced,
suggesting that this approach could increase fairness (Berry & Sackett, 2009). Based on this
assertion, non-applicant data minimizes the potential for displacement of a deserving
applicant.
In order to detect and prevent the fake responses in personnel selection tests, this study
employs a dynamic web-based test that combines the biodata, personality scale and
competencies scale. This dynamic test is designed based on the Item Response Theory (IRT)
and Computerized Adaptive Testing (CAT), which can effectively detect and prevent
inappropriate responses and optimize test time. IRT and CAT will be discussed in the
following chapter.
2.4.2

Adverse Impact

According to Morris and Lobsenz (2000), adverse impact refers to “a substantially
different rate of selection in hiring, promotion, or other employment decision that works to
the disadvantage of members of a race, sex, or ethic group” (p. 92). Adverse impact often
arises in personnel selection decisions, when minority group members are disproportionately
represented relative to the majority group members (Morris & Lobsenz, 2000). Adverse
impact assessments have been conducted by organizations to evaluate success rate
differences between subgroups on various tests, procedures, and practices. Impact ratio tests,
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which evaluate the success rates among groups with diverse demographic characteristics, are
the most commonly used methods for conducting adverse impact analyses (Biddle & Morris,
2011). The four-fifths rule pertains to the selection ratio and is considered evidence of
adverse impact if the selection ratio declines below 80% (Newman & Lyon, 2009).
Human resource professionals try to optimize the trade-offs between selection quality and
adverse impact. This problem emerged because many personnel selection tests used in the
pre-employment screening of applicants showed substantial effect sizes, such as standard
mean differences by gender or race, resulting in incongruent selection rates in different
applicant groups with specific characteristics. In order to address this contradiction,
researchers have proposed some alternatives, such as “banding, adaptation of the presentation
format or the content of tests, modification of the test taker’s attitudes, and within-group
norming” (Sackett et al., 2001, p.302). On the other hand, De Corte et al. (2007) considered
to use a composite of selection predictors. These selection predictors have different effect
sizes and thus help achieve a better trade-off between adverse impact and selection quality.
Finch et al. (2009) also examined the trade-offs between adverse impact and expected
performance. More specifically, they focused on the trade-offs between mean performance
and adverse impact for multistage selection strategies other than single-stage selection
strategies. In order to balance the trade-offs, 43 different multistage selection strategies were
modeled in their study. The models still showed that an increase in predicted performance
was associated with a decrease in minority hiring. Nonetheless, the results indicated that
certain multistage strategies performed much better than others in balancing the performance
and adverse impact trade-offs.
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Adverse impact is particularly evident in cognitive ability tests, while it is absent in
personality tests, as these do not yield meaningful subgroup differences (Hough, 1998).
Therefore, Ployhart and Holtz (2008) suggested employing both cognitive and non-cognitive
predictors in personnel selection in order to minimize the diversity vs. validity dilemma. The
authors also claimed that recognizing both technical and non-technical aspects of
performance helps reduce subgroup differences and mitigates adverse impact. Moreover,
using the alternative predictor measurement methods, such as biodata, can produce sizable
adverse impact reductions. Sheppard and Jennings (1997) also demonstrated the validity of
“compositing alternate predictors and cognitive ability exceed the validity of cognitive ability
alone and reduce the size of subgroup differences” (p. 719). The three alternative predictors
in their study include personality, biodata, and structured interview.
In order to optimize the trade-offs between increasing diversity and maximizing
performance, the present study employs multiple personnel selection measures, which
include both cognitive and non-cognitive predictors, such as personality traits and biodata. In
addition, both technical (e.g., production quality and efficiency) and non-technical (such as
interpersonal relationship and adaptation) aspects of performance are included in personnel
selection measures, further helping in adverse impact reduction.
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CHAPTER III
TEST DESIGN AND MODEL DEVELOPMENT
This chapter discusses the advantage and necessity of using dynamic tests and
computerized adaptive tests (CATs) in personnel selection practices. A CAT, which is a type
of dynamic test, takes advantage of advances in item response theory and has become an
attractive method in pre-employment tests. The ascendency of dynamic tests, especially as
compared with traditional static tests, will be explained in this chapter. Besides the test
design, this chapter also present the model development of this study.
3.1 Dynamic Tests
The traditional method of personnel selection is through entry exam, interview, or other
means of recruitment. These approaches are not effective enough because they are all static
or subjective. Static data cannot thoroughly prove the causality of events because all events
are constantly evolving. Individuals’ genuine thoughts may hide in dynamic information. In
addition, the selection capabilities, experiences, and motivation of interviewers vary
according to the individual, therefore, it is difficult to achieve a standardized, fair and
equitable measure that is applicable in all employment situations. Today, marketing and HR
researchers have started using dynamic surveys in the onboarding process, and have
significantly benefited from it. For instance, conducting dynamic tests have been
demonstrated to improve questionnaire response rates. This is because respondents tend to
offer more accurate and useful responses in pre-employment tests than using traditional static
methods.
The flexibility means that dynamic tests allow researchers to design and create a test that
adapts flexibly to respondents’ answers. Once a response is submitted, the test system grasps
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the respondents’ main message and analyzes it through the Natural Language or other
artificial intelligence programs. Essentially, dynamic tests tailor themselves to each
respondent’s answers, which enhances both response rates and quality.
3.2 Computerized Adaptive Testing & Item Response Theory
Conducting a dynamic survey demands technical support so that assessment data can be
collected more efficiently and accurately. As mentioned previously, technologicallysupported assessments improve the consistency of measurement results and validity.
Computerized testing is attractive for several reasons. First, it leads to administrative
efficiency, as the computers that administered the tests can score them, report and print out
the score, and keep detailed records of everything that happened during the test.
Psychological efficiency is another advantage of computerized testing, which applies
especially to CATs. Specifically, CATs offer users the option of shorter tests without
sacrificing measurement precision, as well as improved precision without increasing the
length of the tests. Another advantage of computerized testing is the ability to expand the
content of tests, which can include audible rather than written directions and even interactive
video. The fourth attractive feature of computerized testing is that computers can be
exploited as a medium to measure facets of cognitive ability that cannot be assessed with
traditional P&P tests (Hakel, 2013). In sum, the benefits of computerized assessment
encompass speed, objectivity, reliability, and efficiency, among others.
Many of the largest organizations in the United States, such as IBM, Ford, AT&T,
Procter & Gamble, and the Department of Defense, are currently using computerized tests in
personnel selection. Kantrowitz et al. (2011) suggested that CAT is one of the most
promising methods in pre-employment testing, writing that “CAT helps to support
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organizational needs while maintaining the integrity and security of selection processes”
(Kantrowitz et al., 2011, p.227). It has been applied to measure cognitive ability, knowledge,
personality traits, etc.
Furthermore, CATs “select and administer items that are individually tailored to the trait
level of the examinee, with the potential of substantial item and time saving” (Simms, 2002,
p. 8), which has been seen as an effective way to meet the recruitment assessment needs.
Most CATs are used as a tool for measuring the respondents’ abilities and knowledge, so as
to select the most capable candidates. A respondent’s ability or trait level (theta) is
independent of the test content, which is quite different from the situation in traditional tests
(Lord, 1968).

CAT is “a subtype of computerized testing that combines the speed and

flexibility of computerized assessment with the power and efficiency afforded by item
response theory (IRT)” (Simms, 2002, p. 9). The ability to administer individually-tailored
tests represents the main difference between CATs and other types of computerized
assessments. The process starts with an item of moderate difficulty – one that is close to the
middle of the theta distribution for the construct being assessed – and, then a CAT picks an
item from the calibrated item pool based on an item response theory model that probes the
respondent’s behavior (De Ayala, 2013; Hambleton, 1991). After the respondent answers the
question, the CAT model predicts a new provisional theta based on the most recently
administered item. The adaptive algorithm will then choose the next item from the calibrated
item pool by using the new estimated theta. The ultimate goal of this whole process is to
select the items that present the maximal amount of information about the respondent’s
abilities. In doing so, CAT provides a test that is neither too hard nor too easy for the
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respondents, since each of the test items is selected based on the respondent’s previous
answers.
CAT takes advantage of advances in IRT by “using sophisticated algorithms backed by
large amounts of data and extensive item pools to deliver a test that adapts to each candidate”
(Kantrowitz et al., 2011, p.229). Specifically, IRT has been widely adopted as the underlying
model in CATs. It helps to predict the probability of a correct answer, and select the next
item for respondents to answer (Marinagi, 2007). A procedure for estimating a candidate’s
ability or personality trait level, a procedure for selecting an item from the item pool, and a
termination rule to stop a test are the three critical and interrelated elements in a typical IRTbased CAT (Waller, 1989). To begin, a median trait level is presented; the computer system
scores the first item and calculates an estimated trait level. If the termination rule has not
been satisfied, the system administers the next item, which offers the richest information at
the newly calculated trait level. This process will not stop until the termination rule has been
met.
Some additional advantages of CATs are worth noting. Green (1983) proposed the
advantages of using CATs relative to the traditional P&P tests, such as “improved test
security, appropriate level of difficulty for respondents, immediate scoring, improved
retesting of items, easier elimination of faulty items, and the ability to implement a broader
array of questions, stimulus and response types”(p. 72). In addition to these advantages,
McCloy and Gibby (2011), for instance, have added the fact that they demonstrate greater
precision, require a shorter testing period, make cheating more difficult, improve scoring,
require minimal ongoing maintenance, facilitate unproctored Internet testing, reduce the
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impact of candidate preparation, and eliminate other issues related to physical test delivery
(Tippins & Adler, 2011).
Moreover, compared with traditional personality tests, which usually involve only one or
two test forms, CATs increase test security because they prevent exposure of the test subject
to repeated questions (Guo, 2009). This exposure control has the ability to limit the
frequency of the items presented to different job candidates, so as to ensure the items are not
repeated. Furthermore, testing time can be reduced and more dimensions can be measured
with CATs (Drasgow et al., 2012). The use of CAT-based measures in cognitive ability tests
presents several distinct practical benefits, such as “dynamic presentation of items, reduced
on-site testing time, improved measurement precision across all ability levels, and reduced
cheating concerns” ((Kantrowitz et al., 2011, p. 229). The benefits of CAT for cognitive
ability measurement can also be applied in personality testing. In fact, the relationship
between personality testing and job performance has been questioned in recent years. CATbased personality measures have shown validity for performance prediction that is better than
that of traditional personality testing (Kantrowitz et al., 2011). Beaty et al. (2011) examined
the criterion-related validity of unproctored Internet testing (UIT) and found similar validities
of measurements administered in proctored and unproctored settings. Despite its advantages,
CATs also face some challenges, such as higher costs relative to traditional tests, data
analysis requirements, access to IRT expertise, ongoing maintenance, respondent and client
perceptions, and legal implications.
IRT is designed to analyze and measure attitudes, abilities, personalities, or other
variables in tests and questionnaires. It assumes that each item is not equally difficult, which
distinguishes it from the assumption made in Likert scaling. Furthermore, IRT incorporates
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the difficulty of each item in its scaling process. The item characteristic curve “describes the
regression of the probability of a particular item response on an underlying trait (theta)” (p.
17) which is defined by item parameters (Simms, 2002). The two-parameter model includes
the item discrimination (slope) and item difficulty (item threshold). High values of item
difficulty are “associated with items that have low endorsement probabilities”, which means
the item reflects either higher difficulty or higher levels of the trait in question. The slope
reflects the difficulty level of the item (Simms, 2002). Steeper slopes represent a higher
discriminatory power.
CAT has recently been employed in pre-employment tests across industries. Quite a few
studies have investigated the model-data fit of the application of personality trait data for IRT
analysis. For example, Reise and Waller (1990) researched the model-data fit of the oneparameter model (1PL) and two-parameter model (2PL) on the scored multidimensional
personality questionnaire, and found that the 2PL model provided a suitable fit for the data
(Reise & Waller, 1990).
The formula for the two-parameter model is described as follows:
Pi( ) 

“where

e Dai ( -bi )
1  e Dai ( -bi )

(3.1)

is the probability of a keyed response to item at a given level of the underlying trait,

theta; θ is the continuous latent trait underlying test performance; a is the item discrimination
parameter for item; b is the item difficulty parameter for item; and D is a scaling constant
that is often set to 1.7 to approximate the model to the normal ogive function” (Simms, 2002,
p. 49).
CATs need termination rules to stop the test. Commonly used termination rules include:
“(a) after administering a pre-specified number of items, (b) after the standard error of the
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trait estimate falls below a pre-specified limit, (c) after reasonably information items no
longer exist for a given examinee, or (d) after some combination of these rules has been
satisfied”(Simms, 2005, p. 28). In this study, the termination rule is adopted when the
measurement errors and a job applicant’s personality scores fall below acceptable thresholds,
or until a specific number of questions has been administered.
In order to enhance administrative efficiency and offer participants a shorter form of
questionnaire, the survey of this study employs CAT in job candidates’ personality trait
measurement. In doing so, the total 100 questions of HEXICO will be decreased to around 25
questions. This survey offers participants the option of shorter questionnaire without
sacrificing measurement precision.
3.3 Model Development
The primary objective of this study is to classify job candidates based on the different
task requirements of different positions and to pinpoint the best-matched individuals to fill
the job positions. The model developed by this study aims to enhance the retention rate and
company performance.
Employee loyalty is one of the main factors that influences turnover intentions and actual
turnover (Campion, 1991). As opposed to the traditional perspectives on the factors that
account for employees’ voluntary turnover, Mitchell et al. (2001) proposed that some nonwork-related factors could keep employees on the job. The traditional research on job
retention typically focuses on the job itself. If people like their employments, they are more
likely to be committed and loyal to the organization and believe that the organization is
committed to them, too. However, some scientific and practitioner literature has suggested
that other factors, such as community commitments and job embeddedness, may also impact
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the individuals’ loyalty to the organization and thereby influence their retention decisions.
Everyone lives in a social network, and a person’s job is located at the center of the network.
The closeness of the network or the quality of the embeddedness is an important determinant
of job retention. People with similar or compatible personalities and cultural values tend to
build and keep closer and tighter networks with one another. Therefore, selecting job
candidates who have similar or compatible personalities with the companies’ current
successful employees is a typical strategy for keeping people on the job.
Cultural value is another critical factor that influences the retention rate. Better fit in with
a company’s organizational culture generates higher retention rate. Sheridan (1992) proposed
that cultural values significantly effect the retention rate of newly hired employees. The
organizational culture values also influence the relationship between the employees’ job
performance and retention. Hence, hiring new employees with similar or compatible cultural
values with existing strong performers improves retention rate.
Workplace outcomes also depend on the employees’ biographical information and
competencies. Biodata has been widely employed in personnel selection because of the
premise that past performance is the best indicator of future performance. Biodata measures
have proven to be a good selection tool (Cucina et al., 2012). Competencies not only include
the individuals’ knowledge, abilities, and skills, but also encompasses the employees’ values,
motivation, and other personal characteristics. All these attributes contribute to successful
colleagues and increased company performance. Although cognitive abilities are crucial to
organizations, recruiters also need to consider the job candidates’ competences and how their
skills and capabilities match the needs of the organization.
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When considering these important factors that influence workplace outcomes, this study
estimates the links between the employees’ personality traits, competencies, P-O fit and
several workplace outcomes, including job performance, turnover intentions, absenteeism,
and tardiness. Whether or how these workplace outcomes are influenced by these employee
traits can be verified. Based on these workplace outcomes and several other P-O fit indicators,
the training set is split in two groups: Most Valuable Employees and Average Contribution
Employees. Most Valuable Employees can be evaluated and selected by using DEA model
based on the workplace outcomes of employees (as seen in FIGURE 5). Naïve Bayesian
analysis will be employed to verify the accuracy of classification and further screen
employees. The model created by this study has important practical implications for
personnel selection practices.
3.4 Hypotheses Development
Personality inventories are significantly associated with workplace outcomes if
personality traits are assessed accurately in the correct context. Several studies have
examined and confirmed that employee personality traits are important determinants of
workplace behaviors (Chatman & Barsade, 1995; McClelland, 1985; Staw, 1985).
Industrial/organizational (I/O) psychologists consider personality inventories as alternative
predictors of work performance (Hakel, 2013). Some empirical evidence showed that
personality inventories offer more validity in performance prediction than general cognitive
abilities (Schmidt, 1998). Salgado (2003) found that conscientiousness and emotional
stability had greater criterion validity than other personality factors (Salgado, 2003). Many
studies suggested a positive and significant relationship between personality tests and
employee fit. Personality tests also reduce the turnover rates from 20% to 70% (Rothstein,
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2006). Goldstein et al. (2000) claimed that cognitive ability and conscientiousness scores are
effective predictors of performance. Based on extant studies in this domain, at least one of
the personality traits should have a significant relationship with the workplace outcomes.
Hypothesis 1: At least one of the personality factors has a significant relationship with
one of the following workplace outcomes: job performance, turnover intention, absenteeism,
and tardiness.
The investigation of personal competencies searches directly for key performance-related
factors (Cooper, 1995). Competencies not only include the individual’s knowledge, abilities,
and skills, but also encompass the employee’s values, motivation, and other personal
characteristics. All these attributes contribute to successful members and company
performance. Some people may have a wealth of knowledge, but it does not mean they are
capable of applying their knowledge. Job competencies can help link employees’ skills and
behaviors with the corporate strategic plans. Therefore, job competency should have a
significant relationship with each of the following workplace outcomes: job performance,
turnover intention, absenteeism, and tardiness.
Hypothesis 2a: Job competency is significantly associated with job performance.
Hypothesis 2b: Job competency is significantly associated with turnover intention.
Hypothesis 2c: Job competency is significantly associated with employee absenteeism.
Hypothesis 2d: Job competency is significantly associated with employee tardiness.
P-O fit is an important aspect of personnel selection procedures and human resource
management. Meir and Hasson (1982) argued that a good match of values and priorities
between individuals and the organization leads to a happier attitude, which generates a higher
retention rate. Empirical results supported the hypothesis that the congruence between
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employees' personalities and their occupation demands would generate positive influence and
therefore lead to a low turnover rate (Meir & Hasson, 1982; Mount & Muchinsky, 1978).
Another explanation of the significant effects of P-O fit on workplace outcomes derived from
two social psychological mechanisms (Oh et al., 2014). One of them is the similarityattraction hypothesis, which posits that “Individuals who possess similar values tend to share
common aspects of cognitive processing and common methods of interpreting events that
help them reduce uncertainty, stimulus overload, ambiguity, conflict, and other negative
features of work interaction” (Byrne, 1971, p. 69). People tend to be attracted by similar
others. Another social psychological mechanism is Festinger’s (1957) theory of social
comparison. The basic idea of this theory is that individuals “look for consensual validation
of their values and abilities”. In addition, social identity theory (Reynolds et al., 2003) refers
to the similarity between individuals in a team initiates a sense of social identification and
belongingness, and therefore generates positive effects on that team.
Hypothesis 3a: P-O fit is significantly associated with job performance.
Hypothesis 3b: P-O fit is significantly associated with turnover intention.
Hypothesis 3c: P-O fit is significantly associated with employee absenteeism.
Hypothesis 3d: P-O fit is significantly associated with employee tardiness.
The workforce has become highly globalized; therefore, it is important to investigate the
contribution of national culture in diverse respective relationships between U.S. and Chinese
data. Hofstede’s cultural dimensions have been widely used in various cross-cultural research,
which include power distance, individualism-collectivism, uncertainty avoidance, and
masculinity-femininity dimensions (Hofstede, 1984).
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Power distance is related to “social inequality and the amount of authority of one person
over others” (Hofstede & Hofstede, 2001, p. 78). The United States is a typical low power
distance country with small tolerance for unequally distributed power among individuals. On
the other hand, China is a typical high power distance country, and authority or powerful
individuals are respected by less powerful individuals as a rule (Licht et al., 2007). It is
expected that in high power distance societies, employees are more likely to be constrained
by authority of their supervisors who are charged with enforcing policies, such as absence
and tardiness rules. Employees would avoid engaging in withdrawal behaviors which are
viewed as deviant, in order to respect hierarchy and demonstrate their respect to their
supervisors. By contrast, within low power distance societies, employees’ relationships with
their supervisors are expected to be more flexible. Employees may not feel pressured to
attend work on time due to supervisory control (Parboteeah et al., 2005). Therefore, power
distance may moderate the respective relationships between U.S. and Chinese employees
regarding the workplace outcomes.
Individualism vs. collectivism, which is another cultural dimension, focuses on the values
that govern relationships between individuals and groups. In individualistic societies, people
emphasize the values of individual achievement, freedom, and competition. On the other
hand, in collectivist societies, individuals emphasize group harmony, cohesiveness, and
consensus (Hofstede, 1984). People’s attitudes toward others depend on their group
membership. They tend to follow norms and values that benefit group interests rather
themselves. “Individualism refers to a self-oriented culture that emphasizes independence
and personal achievement, whereas collectivism refers to a group-oriented culture that values
group cohesiveness and group interests” (Hofstede & Hofstede, 2001, p. 35). The United
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States is typically an individualist culture in which personal interests are highly valued
(Hofstede, 1984; Hofstede et al., 1991). China is a typical collectivist nation, which
emphasizes group interests and harmony over individual achievements and control (Hui &
Triandis, 1986). Jaramillo et al. (2005) argued that individuals from collectivist cultures
“view the organization as an in-group that they identify with, therefore are willing to selfsacrifice for the benefit of fellow in-group members. As a result, the individualism index of a
country influences the relationship between employee commitment and job performance” (p.
708).
Another cultural dimension may effect the respective relationships between these two
countries is uncertainty avoidance. This index refers to “a society's tolerance for uncertainty
and ambiguity” (Hofstede, 1984, p. 91). It reflects the degree of tolerance for ambiguity in a
culture. People in nations with high uncertainty avoidance tend to reply on norms, rules, and
laws to reduce ambiguity, especially when facing unknown situations. On the contrary, low
uncertainty avoidance cultures are more likely to tolerate uncertainty and unstructured
situations. Company loyalty is not a virtue in low uncertainty cultures, and if necessary,
employees may break rules (Hofstede & Hofstede, 2001). In high uncertainty avoidance
societies, individuals often adopt rules and norms to manage uncertain situations. There will
be little room for ambiguity regarding absences and tardiness. As a result, it is expected that
in these countries, individuals are more likely to be aware of absence and tardiness policies,
and their consequences would likely to be known and enforced. Knowledge of absence and
tardiness polices and its enforcement then cause employees to exhibit low levels of these
withdrawal behaviors. Conversely, in societies with low uncertainty avoidance, where
ambiguity regarding absenteeism might prevail, employees are more likely to exceed
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absences and be late to work (Parboteeah et al., 2005). Hence, there may be a negative
relationship between uncertainty avoidance and certain withdrawal behaviors in the
workplace, such as absenteeism and tardiness.
All of the cultural differences between these two countries may generate significant
differences in respective relationships between U.S. and Chinese samples regarding job
performance, turnover intention, absenteeism, and tardiness. “The tripartite model of the selfconcept

including

personal

(independent

self),

relational,

and

collective

selves

(interdependent self), provides insights into why P-O fit, which is a typical rational fit is
more salient in the United States than in China” (Brewer & Gardner, 1996, p. 83). The
independent self is concerned with “the expression of unique attributes and promotion of
cohesion within groups and the promotion of group goals” (Li & Cropanzano, 2009, p. 571),
while relational and interdependent selves are concerned with “the maintenance of relational
harmony and promotion of cohesion within groups and the promotion of group goals”
(Brewer & Chen, 2007, p. 133). Parboteeah et al. (2005) examined absenteeism from a crosscultural perspective based on Hofstede and GLOBE cultural dimensions. They claimed that
“since national culture creates barrier conditions for behavior, the different sets of values,
beliefs, ideas, attitudes, and morals that are ingrained in the national culture guide individuals
in terms of what are acceptable and unacceptable behaviors” (p. 124). Oh et al. (2014)
compared the P-O fit and other aspects of fit between the person and environmental
characteristics in different countries and found that “differences in in-group and institutional
collectivism and power distance helped to account for cultural differences in the relative
importance of P-O fit” (p. 103). They also found that P-O fit is the most important factor of
turnover intention in North America. In fact, turnover rates are found to be higher in more
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individualistic countries than other countries. However, their results showed that P-O fit is
not an important factor on job performance in both North America and East Asia.
In addition to cultural differences, the impacts of national economic growth,
infrastructure support for families, and social welfare provisions allocations, significantly
influence the respective relationships between U.S. and Chinese findings (Addae & Johns,
2002).
Hypothesis 4: There are significant differences in respective relationships between U.S.
and Chinese samples regarding the following workplace outcomes: job performance,
turnover intention, absenteeism, and tardiness.
FIGURE 3 Conceptual model links between employees’ personality traits, competencies, P-O fit and several
workplace outcomes (The thick arrow represents the relationship between independent variables and dependent
variables; the thin arrows represent the classification process).
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CHAPTER IV
METHODOLOGY
This chapter discusses the experimental methods employed in the present study.
Personality traits, competencies of job candidates, and P-O fit are vital determinants of their
future workplace behaviors and outcomes. Therefore, an accurate measurement of these
inventories is the first step of personnel selection process. Then, job candidates will be
classified as Most Valuable Employees and Average Contribution Employees. Of course, the
accuracy of the classification results need to be verified.
This study contains three main phases. The first phase includes data collection and
analysis of the relationships between predictor measures and the four main workplace
outcomes. The predictor measures that are demonstrated to significantly influence the
workplace outcomes are used as screening criteria in the second phase, which focused on the
selection process based on the DEA. Then, the Naïve Bayesian analysis is employed to verify
the accuracy of the classification results and further select the job candidates who are most
likely to be the most valuable employees. FIGURE 3 illustrates the research procedure of the
present study.

FIGURE 4 Research procedure.
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4.1 Measures
Employees who participated in this survey completed a web-based computerized adaptive
test which includes personality trait measure, job competency measure, P-O fit measure,
biographical information, job performance, turnover intention, absenteeism, and tardiness.
4.1.1

Predictor Measures

Predictor measures in this study included three subtests that assessed participants’
personality traits, job competencies, P-O fit, as well as their biodata.
Several studies have examined and demonstrated that personality traits are important
determinants of workplace behaviors (Chatman & Barsade, 1995; McClelland, 1985; Staw,
1985). Industrial/organizational (I/O) psychologists consider personality inventories as
alternative predictors of work performance (Hakel, 2013). Some empirical evidence revealed
that personality inventories offer more validity in performance prediction than general
cognitive abilities (Schmidt, 1998).
Several personality trait models have been developed and are widely used. The fivefactor model (FFM) describes the Big Five personality traits, which are used illustrate the
five dimensions of human personality. The five factors include openness, conscientiousness,
extraversion, agreeableness, and neuroticism (Costa & MacCrae, 1992). Researchers also
found several specific factors, such as “gregariousness, assertiveness, excitement seeking,
warmth, activity, and positive emotions” (Matthews, 2003, p. 117). Salgado (2003) proposed
that compared with the non-FFM-based inventories, conscientiousness and emotional
stability, which are two of the FFM-based inventories, had greater criterion validity.
Therefore, he suggested that from a practical point of view, recruiters should use FFM-based
inventories to make better personnel selection decisions (Salgado, 2003). Before the
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development FFM, little evidence was found for the validity of personality constructs in
personnel selection, even though researchers used a variety of personality measures and
different performance criteria in many diverse job occupations (Rothstein, 2006; Schmitt et
al., 1984). For example, Barrick and Mount (1991) conducted a literature review in this area
that yielded low validity levels. They found little evidence of the validity of personality
inventories in predicting job performance criteria. Another issue that needed to be considered
is cross-country personality norms. Bartram (2008) conducted international research on
personality inventories, comparing employees from different cultures and countries. Results
indicated that “between-country and between-language differences in average-scale scores
were generally small and less than those often associated with other factors, such as gender”
(p. 326). Therefore, the application of a standard set of personality inventories will not cause
a problem in the international research in this field.
Researchers and human resource professionals apply personality measures to evaluate
the adaptability of job applicants for recruitment positions. Many studies showed a positive
and significant relationship between personality tests and employee fit. Personality tests also
reduce the turnover rate from 20% to 70% (Rothstein, 2006). Goldstein et al. (2000) claimed
that cognitive ability and conscientiousness scores are effective predictors of performance.
The validity of personality scales in recruitment decisions was verified when the FFM
became widely accepted. In addition, Rothstein and Goffin (2006) argued that the
relationship between personality and job performance is influenced by a variety of
moderators and mediators. Researchers and human resource professionals need to consider
the situational factors and other contextual factors that are related to job occupation and
organization (Rothstein & Goffin, 2006). Rothstein and Jelly (2003) posited that personality
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may influence job performance indirectly through many diverse mediator variables such as
goal-setting

behaviors

and

cognitive-motivational

work

orientation.

Additionally,

organizational citizenship behavior, withdrawal behavior, and other specific performance
dimensions were better predicted by particular subsets of the Big Five traits (L. M. Hough,
2005).
Besides the FFM, the Minnesota Multiphasic Personality Inventory (MMPI) has been
widely accepted as a test for an individuals’ psychopathology and personality (Camara,
2000). In 2008, the MMPI-2 was restructured to become the MMPI-2-RF, retaining some of
the main components of the traditional MMPI assessment strategy, but employing a different
theoretical approach to personality test development.
In order to overcome the drawbacks of traditional long-form personality scales,
Donnellan et al. (2006) developed the Mini-IPIP based on the International Personality Item
Pool – Five Factor Model (IPIP-FFM), which assessed “Extraversion, Agreeableness,
Consciousness, Neuroticism, Openness to Experience, and Honesty-Humility”. The MiniIPIP, containing only 20 items, has shown that it can provide a convincingly precise measure
of the major personality areas (Sibley, 2012). Another research study investigated the
stability of this short-form, six-dimension personality scale by using a large sample. The
results indicated that all six personality dimensions were very stable. Compared with shorter
form measures, the Mini-IPIP scale causes fewer Type 1 and Type 2 errors (Crede, 2012).
Donnellan et al. (2006) found that relative to the longer form of the FFM, the Mini-IPIP scale
combines the benefits of the low error rates of the long form scales with the practicality of
the short-form scales.
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Another personality scale, the HEXACO personality inventory, was developed by
Kibeom Lee and Michael C. Ashton. It includes six domain-level scales, including “HonestyHumility, Emotionality, Extraversion, Agreeableness, Conscientiousness, and Openness to
Experience” (Lee & Ashton, 2002, p. 330). This scale has been influenced by the Big Five
personalities, with its series of sub-dimensions of each domain. For example, the HonestyHumility domain includes the Sincerity scale, Fairness scale, Greed Avoidance scale, and
Modesty scale. The HEXACO model has been proven to substantially outperform the FFM
in predicting some workplace behaviors, such as delinquency and integrity, because of the
inclusion of the sixth Honesty-Humility dimension. The descriptions of HEXACO
personality scales are shown in Appendix A. Lee et al. (2005) found that this extra
personality dimension was a stronger predictor of several workplace behaviors than any of
the Big Five measures. Ashton and Lee (2007) argued that the HEXACO scale’s better
performance than the FFM accounts for its superior cross-cultural findings. TABLE 1
presents the six dimensions of the HEXACO personality inventory.
This study employs the HEXACO personality inventory. For the U.S. sample,
Cronbach’s alphas for Honesty-Humility, Emotionality, Extraversion, Agreeableness,
Conscientiousness, and Openness to Experience were .958, .960, .968, .966, .977, and .965
(N = 155), respectively. For the Chinese sample, Cronbach’s alphas for these personality
inventories were .959, .983, .963, .980, .976, and .969 (N = 97), respectively.

TABLE 1 Descriptions of the HEXACO Personality Inventory

Number of Items

Honesty-Humility
Sincerity

4
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TABLE 1 Continued

Fairness

4

Greed Avoidance

4

Modesty

4

Emotionality
Fearfulness

4

Anxiety

4

Dependence

4

Sentimentality

4

Extraversion
Social Self-Esteem

4

Social Boldness

4

Sociability

4

Liveliness

4

Agreeableness
Forgivingness

4

Gentleness

4

Flexibility

4

Patience

4

Conscientiousness
Organization

4

Diligence

4

Perfectionism

4

Prudence

4

Openness to Experience
Aesthetic Appreciation

4

55
TABLE 1 Continued

Inquisitiveness

4

Creativity

4

Unconventionality

4

(interstitial facet scale) Altruism

4

The investigation of personal competencies searches directly for key performance-related
factors (Cooper, 1995). Competencies not only include the individual’s knowledge, abilities,
and skills, but also encompass the employee’s values, motivation, and other personal
characteristics. All these attributes contribute to successful members and company
performance. Some people may have a wealth of knowledge, but it does not mean they are
capable of applying their knowledge. Competency plays a crucial role in the workplace for
many reasons. For example, supervisors need to consider the essential factors of employees
to achieve the company’s mission. Competencies help link employees’ skills and behaviors
with the corporate strategic plans. Instead of using the GMA scale, the competency scale is
used in this study for two reasons: first, it is not easy to obtain GMA data for research
purposes; and second, employees with high GMA scores may not commit to their jobs and
cause performance discrepancy.
The wide adoption of competency-based approaches in personnel selection has had a
beneficial effect on several aspects of organizational development, especially in recruitment
and other human resource activities (Cooper, 1995). Dulewicz (1989) developed a set of
generic ‘supra-competencies’ in four major categories:
Intellectual - strategic perspective, analysis and judgement, and planning and organizing;
Interpersonal - managing staff, persuasiveness, assertiveness and decisiveness,
interpersonal sensitivity, and oral communication;
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Adaptability - adaptability and resilience;
Results orientation - energy and initiative, achievement motivation, and business sense.
His study also showed that competencies are important for successful performance in
organizations (Dulewicz, 1989). Bartram (2005) developed the Great Eight Competencies,
which include “Leading and Deciding, Supporting and Cooperating, Interacting and
Presenting, Analyzing and Interpreting, Creating and Conceptualizing, Organizing and
Executing, Adapting and Coping, and Enterprising and Performing” (Bartram, 2005, p.1185).
Evidence suggests that the more competency dimensions employed in a test, the less accurate
the decision makers’ judgement becomes (Gaugler, 1989). Therefore, the competency tests
should include fewer dimensions.
Cognitive capabilities are crucial to organizations, but recruiters also need to consider the
job candidates’ competencies and how their skills and capabilities match the organization’s
needs. Personnel selection and recruitment procedures need several clear linkages with
specific positions and business strategies. All human resource actions should be shaped by
business strategy and personnel selection is no exception. Human resource professionals
should pinpoint the shortages of key competencies and try to bridge the gaps between
business goals and talent skills (Ray et al., 2012). Recruitment procedures should comply
with the company’s core business strategy in order to attract the right candidates to assist the
business strategy.
Harvard-wide

competencies

encompass

comprehensive

aspects

of

competency

measurement. This scale not only includes job knowledge and skills, but emphasizes the
importance of results delivery, communication skills, teamwork and collaboration, and
change embracement. As a result, this comprehensive and reasonable competency scale is
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employed in the study (as seen in TABLE 2). Cronbach’s alphas for the U.S. sample and
Chinese sample were .698 (N = 155) and .862 (N = 97), respectively.

TABLE 2 Descriptions of Job Competency Scales

Job Competency

Definition

Teamwork &

Actively participates as a team member to move the team toward the

Collaboration

completion of goals. Maintains strong, personal connections with key team
members and stakeholders. Aligns personal work and performance with the

Embraces Change

broader team to achieve mutual outcomes.
Actively identifies problems and opportunities for change and implements
solutions where appropriate. Maintains effectiveness when experiencing
major changes in work tasks or the work environment; adjusts effectively to

Job Knowledge

work within new structures, processes, requirements or cultures.
Has solid knowledge of the FAS, his or her department, and current
position, as well as policies, processes, practices, and tools required to
complete the work efficiently and effectively. Fully understands aspects of

Delivers Results

required responsibilities and skills needed to be successful in this role.
Understands how to leverage key resources to achieve objectives and
reaches closure on projects and deliverables. Works steadily toward
achieving goals and consistently meets deadlines in a timely way. Monitors
results and makes adjustments as needed and accepts responsibility for
outcomes. Continues forward in the face of obstacles or when the path

Communication Skills

forward is less clear.
Exhibits

effective

listening

skills

and

checks

for

understanding.

Demonstrates strong verbal and written communication and actively listens
to others’ ideas and suggestions. Informs others of what is needed in a clear
and concise manner. Consistently shares appropriate information with those
who need to know.

P-O fit is an important aspect of personnel selection procedures and human resource
management. Companies tried to maintain a good fit between employees and the positions
because it is obvious that certain people can perform better in certain positions rather than in
others (Caldwell, 1990). The P-O fit is the similarity between organizational values and
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individual values (Chatman, 1989). Organizational cultures and value norms are a group
product. Although not all group members would have the same values, a majority of active
members will agree on mainstream values. All group members will be aware of these value
norms (Chatman, 1989; Katz & Kahn, 1978). Culture has a critical impact on the degree of
matching prospective employees to an organization (Rousseau, 1990). Direct or indirect
measurements of the P-O fit in correlation or regression analyses are commonly used to
examine the relationship between the P-O fit and potential outcome (Kristof‐Brown et al.,
2005). Direct measures of fit “require individuals to rate the degree of fit between themselves
and the organization on features such as goals or values” (Meyer et al., 2010, p. 462).
Indirect measures of fit use “the calculation of an index of fit such as correlation, or misfit
such as algebraic or squared difference score, based on independent ratings of personal and
organizational characteristics” (Meyer et al., 2010, p.463).
In this study, three questions were deployed to measure P-O fit: “I really fit in at this
company”; “My values match those of current employees in the company”; and “You are
often frustrated when not given the opportunity at work to achieve your personal workrelated goals” (Cable & Judge, 1996; Piasentin & Chapman, 2007). Cronbach’s alphas for the
U.S. sample and Chinese sample were .804 (N = 155) and .804 (N = 97).
4.1.2

Criterion Measures

Four criterion measures were included in this study, they are: job performance, turnover
intention, absenteeism, and tardiness.
Job performance was a primary criterion measure obtained in this study. It describes
employees’ performances of the specific tasks that comprise the standard job requirements.
The job performance scale used in this study includes supervisor’s rating, quality, quantity
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and efficiency of the production, as well as employees’ adaption and flexibility in the
workplace. Cronbach’s alphas for the U.S. sample and Chinese sample were .883 (N = 155)
and .856 (N = 97), respectively.
Turnover intention refers to employees’ intention to leave their current organizations or
professions through voluntary turnover. Instead of investigating actual turnover, several
studies investigated turnover intention because it was claimed that behavioral intention is a
good predictor of actual behavior. Two survey questions were used to measure participants’
turnover intentions: “I would change jobs if I could find another position that pays as well as
my current one” and “I am actively looking for another job”. Alphas were .689 for the U.S.
sample (N = 155) and .706 for the Chinese sample (N = 97).
Absenteeism is pervasive both across organizations and across international boundaries.
Absenteeism was reported to cost a lot of money per year in reduced productivity. For human
resource professionals, the primary consequences of absenteeism is the direct and indirect
costs associated with absenteeism. Two survey questions – “I miss work far more often than
my co-workers” and “I would only miss work under very exceptional circumstances” – were
employed to measure participants’ absenteeism behaviors. Cronbach’s alphas for the U.S.
sample and Chinese sample were .528 (N = 155) and .619 (N = 97).
Another criterion measure obtained in this study is tardiness, which is another employee
withdrawal behavior that may significantly influence organizational success. Tardiness is not
just another form of absenteeism, but these empirical findings were not entirely convincing.
In the current study, tardiness was measured by the number of days employees arrived late
during the last two weeks. TABLE 3 presents the summary of survey scales employed by this
study.
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TABLE 3 Summary of Survey Scales

Scales
Demographic
Characteristics

No. of Questions
10

How Presented
Sequentially

Source
Mayfield & Mayfield (2015)

Personality Traits

Around 25

CAT

HEXACO

Competencies

5

Sequentially

Harvard-wide Competencies

P-O Fit

3

Sequentially

Performance

6

Sequentially

Cable & Judge (1996); Piasentin &
Chapman (2007)
Mayfield & Mayfield (2015)

Turnover Intentions

3

Sequentially

Tett & Meyer (1993)

Absenteeism

2

Sequentially

Gunnarsson et al. (2013)

Tardiness

1

Sequentially

Author’s own

4.2 Data
Data for this study was collected from companies in the United States and China. A total
of 252 employees were included in the current study, in which 155 of them were collected
from companies in the United States and 97 of them were collected from Chinese companies.
In the survey of U.S. companies, there were 88 men and 67 women, accounting for 57% and
43% of the sample, respectively. In the survey of Chinese companies, there were 54 men and
43 women, accounting for 56% and 44% of the sample, respectively. The characteristics of
the sample population are shown in Appendix B. TABLE 4 and 5 present means, standard
deviations, and correlations among constructs for the Chinese and U.S sample, respectively.
The training set consists of Most Valuable Employees and Average Contribution
Employees from different organizations. The job candidates’ entry test analysis will be
compared with the training set by using DEA to determine the best – matched individuals
who will be the potential valuable employees.
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TABLE 4 Means, Standard Deviations, and Correlations among Constructs for the Chinese Sample

TABLE 5 Means, Standard Deviations, and Correlations among Constructs for the U.S. Sample

4.3 Analysis and Results
Analysis of the survey data includes three steps: ANOVA, DEA, and naïve Bayesian
analysis. The first step is to examine differences in the mean of different measures and figure
out the predictor measures which significantly effect the main workplace outcomes. The
second step of analysis determines the best-matched individuals who will be the potential
valuable employees based on DEA. Then, naïve Bayesian analysis is employed to verify the
accuracy of classification and personnel selection efficiency in this study. It is also employed
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as the next screener to sort the efficient job candidates and pick the individuals who are most
likely to be the valuable employees.
Step 1: Analysis of Variance (ANOVA)
By comparing the results of U.S. employees and Chinese employees, different findings
and conclusions can be made. ANOVA was performed on the data to examine differences in
the mean of different measures.
In the survey of U.S. employees, Extraversion, Conscientiousness, Openness to
Experience, Job Competencies, and P-O fit are significantly correlated with job performance.
Honesty-Humility and Emotionality significantly influence employees’ turnover intention.
Absenteeism behaviors are found to be influenced by Conscientiousness. Honesty-Humility,
Emotionality, Extraversion, Agreeableness, and Openness to Experience significantly
influence tardy behaviors. On the other hand, in the survey of Chinese employees, HonestyHumility, Openness to Experience, and Job Competencies are found to significantly impact
Job Performance. Turnover intention is mainly influenced by Conscientiousness and P-O fit.
Honesty-Humility, Conscientiousness, Openness to Experience, Altruism and P-O fit
significantly effect Absenteeism. Tardiness is influenced by Honesty-Humility. TABLE 6 to
13 present the ANOVA for both countries.

TABLE 6 ANOVA for Employee Characteristics and Job Performance (Chinese Sample)
Df
Sum Sq
Mean Sq
F value
1
Honesty-Humility
1
1.1672
1.1672
2.88
2
Emotionality
1
0.6545
0.6545
1.6151
3
Extraversion
1
0.4114
0.4114
1.015
4
Agreeableness
1
0.0788
0.0788
0.1943
5
Conscientiousness
1
0.228
0.228
0.5627
6
Openness to Experience
1
5.0424
5.0424
12.4419
7
Altruism
1
0.276
0.276
0.6811
8
Job Competency
1
22.6694
22.6694
55.9356
9
P-O Fit
1
0.8714
0.8714
2.1501

Pr(>F)
0.0933 .
0.2072
0.3165
0.6604
0.4552
0.0007 ***
0.4115
0 ***
0.1462
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TABLE 6 Continued
Residuals
87
35.2591
Signif. codes: ‘***’ 0.001 ‘**’ 0.01 ‘*’ 0.05 ‘.’ 0.1 ‘ ’ 1

0.4053

TABLE 7 ANOVA for Employee Characteristics and Turnover Intension (Chinese Sample)
Df
Sum Sq
Mean Sq
F value
1
Honesty-Humility
1
0.2367
0.2367
0.2627
2
Emotionality
1
0.8253
0.8253
0.9157
3
Extraversion
1
1.3568
1.3568
1.5055
4
Agreeableness
1
0.223
0.223
0.2474
5
Conscientiousness
1
2.7882
2.7882
3.0938
6
Openness to Experience
1
0.1356
0.1356
0.1505
7
Altruism
1
0.6718
0.6718
0.7455
8
Job Competency
1
1.2614
1.2614
1.3996
9
P-O Fit
1
3.0844
3.0844
3.4224
Residuals
87
78.4065
0.9012
Signif. codes: ‘***’ 0.001 ‘**’ 0.01 ‘*’ 0.05 ‘.’ 0.1 ‘ ’ 1
TABLE 8 ANOVA for Employee Characteristics and Absenteeism (Chinese Sample)
Df
Sum Sq
Mean Sq
F value
1
Honesty-Humility
1
2.935
2.935
4.5766
2
Emotionality
1
0.2808
0.2808
0.4378
3
Extraversion
1
0.7525
0.7525
1.1733
4
Agreeableness
1
0.2195
0.2195
0.3423
5
Conscientiousness
1
2.0251
2.0251
3.1578
6
Openness to Experience
1
2.6042
2.6042
4.0606
7
Altruism
1
6.3274
6.3274
9.8662
8
Job Competency
1
0.3513
0.3513
0.5477
9
P-O Fit
1
4.6164
4.6164
7.1983
Residuals
87
55.795
0.6413
Signif. codes: ‘***’ 0.001 ‘**’ 0.01 ‘*’ 0.05 ‘.’ 0.1 ‘ ’ 1
TABLE 9 ANOVA for Employee Characteristics and Tardiness (Chinese Sample)
Df
Sum Sq
Mean Sq
F value
1
Honesty-Humility
1
6.9152
6.9152
2.898
2
Emotionality
1
2.7046
2.7046
1.1335
3
Extraversion
1
1.4026
1.4026
0.5878
4
Agreeableness
1
4.9363
4.9363
2.0687
5
Conscientiousness
1
0.0065
0.0065
0.0027
6
Openness to Experience
1
0.3776
0.3776
0.1582
7
Altruism
1
2.9874
2.9874
1.252
8
Job Competency
1
0.0005
0.0005
0.0002
9
P-O Fit
1
0.0625
0.0625
0.0262
Residuals
87
207.5964
2.3862
Signif. codes: ‘***’ 0.001 ‘**’ 0.01 ‘*’ 0.05 ‘.’ 0.1 ‘ ’ 1

Pr(>F)
0.6096
0.3413
0.2231
0.6202
0.0821 .
0.699
0.3903
0.24
0.0677 .

Pr(>F)
0.0352 *
0.5099
0.2817
0.56
0.0791 .
0.047 *
0.0023 **
0.4612
0.0087 **

Pr(>F)
0.0923 .
0.29
0.4453
0.1539
0.9584
0.6918
0.2663
0.9888
0.8718
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TABLE 10 ANOVA for Employee Characteristics and Job Performance (U.S. Sample)
Df
Sum Sq
Mean Sq
F value
1
Honesty-Humility
1
1.2177
1.2177
2.4066
2
Emotionality
1
0.2722
0.2722
0.5379
3
Extraversion
1
18.4928
18.4928
36.5496
4
Agreeableness
1
0.1813
0.1813
0.3583
5
Conscientiousness
1
4.4765
4.4765
8.8475
6
Openness to Experience
1
1.8262
1.8262
3.6094
7
Altruism
1
0.0088
0.0088
0.0175
8
Job Competency
1
7.7148
7.7148
15.2477
9
P-O Fit
1
3.6847
3.6847
7.2824
Residuals
145
73.3648
0.506
Signif. codes: ‘***’ 0.001 ‘**’ 0.01 ‘*’ 0.05 ‘.’ 0.1 ‘ ’ 1
TABLE 11 ANOVA for Employee Characteristics and Turnover Intension (U.S. Sample)
Df
Sum Sq
Mean Sq
F value
1
Honesty-Humility
1
3.6799
3.6799
4.0634
2
Emotionality
1
3.3065
3.3065
3.6511
3
Extraversion
1
0.4273
0.4273
0.4718
4
Agreeableness
1
0.0386
0.0386
0.0426
5
Conscientiousness
1
1.9197
1.9197
2.1197
6
Openness to Experience
1
0.103
0.103
0.1138
7
Altruism
1
0.0237
0.0237
0.0262
8
Job Competency
1
2.905
2.905
3.2078
9
P-O Fit
1
1.3679
1.3679
1.5104
Residuals
145
131.3156
0.9056
Signif. codes: ‘***’ 0.001 ‘**’ 0.01 ‘*’ 0.05 ‘.’ 0.1 ‘ ’ 1
TABLE 12 ANOVA for Employee Characteristics and Absenteeism (U.S. Sample)
Df
Sum Sq
Mean Sq
F value
1
Honesty- Humility
1
0.8684
0.8684
1.4386
2
Emotionality
1
1.0245
1.0245
1.6972
3
Extraversion
1
0.039
0.039
0.0646
4
Agreeableness
1
0.8083
0.8083
1.339
5
Conscientiousness
1
3.7514
3.7514
6.2149
6
Openness to Experience
1
1.3373
1.3373
2.2155
7
Altruism
1
0.1222
0.1222
0.2025
8
Job Competency
1
0.8869
0.8869
1.4693
9
P-O Fit
1
0.9207
0.9207
1.5252
Residuals
145
87.5252
0.6036
Signif. codes: ‘***’ 0.001 ‘**’ 0.01 ‘*’ 0.05 ‘.’ 0.1 ‘ ’ 1
TABLE 13 ANOVA for Employee Characteristics and Tardiness (U.S. Sample)
Df
Sum Sq
Mean Sq
F value
1
Honesty- Humility
1
14.467
14.467
8.89
2
Emotionality
1
9.6714
9.6714
5.9431
3
Extraversion
1
8.066
8.066
4.9566
4
Agreeableness
1
5.6812
5.6812
3.4911

Pr(>F)
0.123
0.4645
0 ***
0.5504
0.0034 **
0.0594 .
0.895
0.0001 ***
0.0078 **

Pr(>F)
0.0457 *
0.058 .
0.4933
0.8368
0.1476
0.7364
0.8717
0.0754 .
0.2211

Pr(>F)
0.2323
0.1947
0.7998
0.2491
0.0138 *
0.1388
0.6534
0.2274
0.2188

Pr(>F)
0.0034 **
0.016 *
0.0275 *
0.0637 .
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TABLE 13 Continued
5
Conscientiousness
1
8.5912
6
Openness to Experience
1
0.795
7
Altruism
1
2.5331
8
Job Competency
1
0.5136
9
P-O Fit
1
0.5565
Residuals
145
235.9637
Signif. codes: ‘***’ 0.001 ‘**’ 0.01 ‘*’ 0.05 ‘.’ 0.1 ‘ ’ 1

8.5912
0.795
2.5331
0.5136
0.5565
1.6273

5.2793
0.4885
1.5566
0.3156
0.342

0.023 *
0.4857
0.2142
0.5751
0.5596

A set of control variables were also included in the survey. In both of these two countries,
Organization Type and Job Complexity were found to influence the four workplace outcomes.
Job Complexity includes: Unskilled Labor – requires little or no training to perform; Skilled
Labor – requires moderate levels of training to perform; and Professional Work – requires
high levels of training and/or specialized certification to perform. Education was also
significantly associated with those workplace outcomes in the survey of U.S. employees. For
Chinese employees, Size of Organization, Occupation, and Gender were demonstrated to
significantly effect workplace outcomes.
Step 2: Data Envelopment Analysis (DEA)
DEA has become a popular and powerful tool in human resource management. It is a
useful method of evaluating the efficiency of decision making units (DMUs). The traditional
statistical approach is “characterized as a central tendency approach”, whereas DEA
compares each DMU with only the most efficient DMUs. Although DEA is not always the
right method to solve a problem, it is appropriate in many certain situations. There are many
DMUs in DEA. Each DMU is taking a set of inputs and producing a different level of outputs.
A fundamental assumption of DEA is that “if a given DMU, A, is capable of producing Y (A)
units of output with X (A) inputs, then other DMUs should also be able to do the same if they
were to operate efficiently”(Trick, 2013, p. 147). Trick (2013) goes on to state that “if a
given DMU, B, is able to produce Y (B) units of output with X (B) inputs, then other DMUs
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should also be able to do the same production schedule. DMU A, B, and others can be
combined to form a composite DMU with composite inputs and composite outputs” (p. 149).
This composite DMU is called a virtual DMU because it does not necessarily exist.
The virtual DMU can be proven to be efficient if the original DMU is worse than the
virtual DMU by “either making more output with the same input or making the same output
with less input” (Trick, 2013, p. 151). In other words, the essence of DEA is to find the best
virtual DMU for each real DMU.
The efficiency frontier is the maximum combinations of a given set of inputs and outputs.
For a frontier analysis of inputs and outputs, DEA is a linear programming procedure.
DEA assigns a score of 1 to a unit only when comparisons with other relevant units do
not provide evidence of inefficiency in the use of any input or output. DEA assigns an
efficiency score less than one to inefficient units. A score less than one means that a linear
combination of other units from the sample cold produce the same vector of outputs using a
smaller vector of inputs. The score reflects the radial distance from the estimated production
frontier to the DMU under consideration (Trick, 2013).
The DEA formulation which was obtained from Trick (2013) is as follows:
Let Xi be the vector of inputs into DMU i. Let Yi be the corresponding vector of outputs.
Let X0 be the inputs into a DMU for which we want to determine its efficiency and Y0 be the
outputs. So the X's and the Y’s are the data. The measure of efficiency for DMU0 is given by
the following linear program:
Min
s.t.

θ
∑λiXi ≤θX0

∑λiYi ≥Y0

(4.1)
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λ ≥ 0

where λ i is the weight given to DMUi in its efforts to dominate DMU0 and θ is the
efficiency of DMU0. So the λ 's and θ are the variables. Since DMU0 appears on the left
hand side of the equations as well, the optimalθ cannot possibly be more than 1.
There are a set of advantages of using DEA. “First, DEA can analyze multiple input and
multiple output models. Second, it does not require an assumption of a functional form
relating inputs to outputs. Third, DMUs are directly compared against a peer or θ
combination of peers. Last but not the least, inputs and outputs can have very different units”
(Cooper et al., 2004, p. 18). Therefore, DEA is employed in this study to screen and pick the
efficient (most valuable) employees based on the four main standards: job performance,
turnover intention, absenteeism, and tardiness. FIGURE 5 presents the DEA model use
personnel selection criteria. The eight inputs which have been proven to significantly impact
the workplace outcomes in U.S. companies are: Honesty-Humility, Emotionality,
Extraversion, Agreeableness, Conscientiousness, Openness to Experience, Job Competency,
and P-O fit. On the other hand, in the survey of Chinese companies, the six inputs which
significantly influence the workplace outcomes are: Honesty-Humility, Conscientiousness,
Openness to Experience, Altruism, Job Competency, and P-O fit.
By running DEA in R program, 88 out of 155 employees showed to be efficient (or Most
Valuable Employees) in the survey of U.S. companies, and 67 of 155 employees were tagged
as Average Contribution Employees (see Appendix C). In the survey of Chinese companies,
58 out of 97 employees showed to be efficient (or Most Valuable Employees), and the
remaining 39 employees were tagged as Average Contribution Employees (see Appendix D).
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FIGURE 5 DEA model use personnel selection criteria.

Step 3: Naïve Bayesian Analysis
There are several approaches for employee classification and the verification of the
classification results, such as the decision tree, artificial neural networks, fuzzy logic, genetic
algorithms, and rough set theory (Nematzadeh, 2012). The naïve Bayesian analysis is
employed to verify the accuracy of classification and personnel selection efficiency in this
study. Compared with artificial neural networks and genetic algorithms, naïve Bayesian
analysis is more suited for working on categorical variables. Since all of the variables in the
current study are categorical variables, naïve Bayesian analysis is the most suitable method
and therefore be employed.
The classification process of naïve Bayesian analysis encompasses two phases: learning
and validating (Nematzadeh, 2012). The first phase is the learning process, in which the
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training data is analyzed by classification rules and algorithms to build the model. The
resulting model is employed to measure the accuracy of the model. In the second phase,
classification rules are used to analyze new data and nominal data, as seen in FIGURE 5.
Naïve Bayesian classifiers are a series of simple classifiers that are based on probability
and use Bayes’ theorem with strong independent assumptions between features. Naïve
Bayesian analysis is a popular method for categorical data because it helps to determine
whether features belong to one category or another. Models are assigned class labels from a
finite set. The basic assumption of naïve Bayesian analysis is that the value of a particular
feature does not depend on the value of any other features. For example, a ball may be
considered to be a table tennis ball if it is round, orange in color, and approximately 40mm in
diameter. A naïve Bayes classifier considers that each of these features contributes
independently to the probability that this is a table tennis ball, regardless of any possible
efficient in many practical applications that are based on the method of maximum likelihood
and its analysis has proven to be quite effective in many complex real-world situations.
The primary goal of this project is to select the right person to fill the right position rather
than focusing on choosing the most capable candidates or the people with socially-desirable
personalities. Human capital professionals are more concerned about the mix of tasks and the
capabilities they entail. The U.S. Bureau of Labor Statistics and McKinsey Global Institute
found that “the types of jobs created in the United States during the past decade involved
complex problem solving and contextual judgement. Fewer jobs are based on one-to-one
transactions and fewer still are repetitive” (Ray et al., 2012, p . 249). Therefore, personnel
selection no longer merely relies on a single criterion, but on a subset category of attributes
that meets the job or task requirements. Naïve Bayesian analysis is suitable here because the
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model of this study is to predict a categorical response from chiefly categorical predictor
variables.

FIGURE 6 Classification process of naïve Bayesian analysis.

There are other approaches applied during the personnel selection process. For example,
Gargano et al. (1991) introduced artificial neural networks to aid the personnel selection
procedure. They also added a genetic algorithm to speed up the neural learning process,
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which was a breakthrough in the field. However, the scales used in the research depend on
the candidates’ self-evaluations, which reduced the objectivity and accuracy of the measures.
This study measured a set of the candidates’ attributes. The problem with categorical
predictor variables is that since data is sparse, there will be few or no cases that match the
values of the predictor variables. In this case, the naïve Bayesian approach can assist in
solving the problem.
The data to infer the conditional probability can be written as:
p(y=1│x1,x2,...,xk ) 

p( x1,x2,...,xk│y =1)
p( x1,x2,...,xk│y=1) p( y=1) + p( x1,x2,...,xk│y = 0) p( y = 0)

(4.2)

The solution of this model is difficult to implement because the conditional joint probabilities
and

are hard to estimate. Conversely, the prior probabilities of

and

are easy to calculate

by using the relative frequencies from the training set.
Assuming that the predictors are independent, the model can be written as (Ledolter,
2013):
p( y = 1│x1,x2,..., xk ) 

Πp( xi│y = 1)p( y = 1)
Πp( xi│y = 1)p( y = 1)  Πp( xi│y = 0)p( y = 0)

(4.3)

The training set should contain enough information to estimate the marginal probabilities
and, for.
In order to make reliable estimation of the probability of each class, a big data set is
needed. The precision and recall of Naïve Bayesian classification algorithm will be
influenced with a small data set. This is the disadvantage of Naïve Bayesian analysis.
However, Naïve Bayesian classifier was proven to show “surprisingly accurate on many
classification tasks even when the conditional independence assumption on which they are
based is violated” (Kohavi, 1996, p. 204).
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Naïve Bayesian analysis is applied in this study to verify the accuracy of the
classification of Most Valuable Employees and Average Contribution Employees. A case is
scored as Most Valuable Employees if its probability is 0.5 or larger, and as Average
Contribution Employees, otherwise. From this data, a 2 x 2 table of classifications is obtained.
The proportions of incorrect classifications can be calculated from that table. In the survey of
US employees, the misclassification proportion of the naïve Bayesian approach is 27.42%.
Twenty-seven Most Valuable Employees (out of 37) were predicted correctly, but failed to
identify 10/ (10+27), or 27%, of Most Valuable Employees. Furthermore, 7/ (7+17), or
29.2%, of “Average contribution employees” were predicted as Most Valuable Employees.
On the other hand, in the survey of Chinese employees, the misclassification proportion of
the naïve Bayesian approach is 23.08%. Fourteen Most Valuable Employees (out of 21) were
predicted correctly, but failed to identify 7/ (7+14), or 33.3%, of Most Valuable Employees.
Furthermore, 2/ (2+9), or 18.2%, of “Average contribution employees” were predicted as
Most Valuable Employees. The accuracy of the naïve Bayesian approach is acceptable in
personnel selection procedures.
Therefore, when facing a large amount of efficient job candidates by running a DEA on
the sample, the naïve Bayesian analysis can be employed as the next screener to sort the
efficient job candidates and pick the individuals who are most likely to be the valuable
employees.
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CHAPTER V
DISCUSSION AND CONCLUSION
This study investigates suitable personnel selection methods that assist recruiters in
selecting the right person with the potential to contribute most to a business. It consolidates
theories about personnel selection in a cross-national setting and links them with specific
personality traits, job competencies, and P-O fit that could predict and enhance employee
work outcomes. Most Valuable Employees and Average Contribution Employees will be
classified by using DEA and Naïve Bayesian analysis based on a set of standards.
Overall, results from this study reveal that different aspects of personality traits,
employee competencies, P-O fit, and biographic information influence the key workplace
outcomes in the United States and China. In both countries, Honesty-Humility,
Conscientiousness, and Openness to Experience, which are the three dimensions of
personality traits in the HEXACO personality inventory, are found to significantly effect the
workplace outcomes. In addition, job competency and P-O fit are also proven to be
significantly associated with the key outcomes in both countries. There are several
limitations in this study associated with a relative small number of primary data collected
from both countries. However, this study employs a web-based dynamic survey system to
save time, improve the response rate, and provide assessment accuracy. Furthermore, DEA
and Naïve Bayesian classifiers help to separate the Most Valuable Employees from other
employees, which may have practical significance for both researchers and practitioners.
5.1 Discussion of Hypotheses
This study provides support for Hypothesis 1: At least one of the personality factors has a
significant relationship with one of the following workplace outcomes: job performance,
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turnover intention, absenteeism, and tardiness. In both countries, Honesty-Humility,
Conscientiousness, and Openness to Experience are found to significantly effect the
workplace outcomes. Furthermore, in the survey of U.S. employees, Emotionality,
Extraversion, and Agreeableness are also proven to be significantly associated with the
workplace outcomes. Results of this study are different from other extant studies in this field,
which claimed that only one or two dimensions of personality inventories have a significant
relationship with the key workplace outcomes. Moreover, results from the current study
prove the necessity of the inclusion of the sixth dimension (Honesty-Humility) of personality
inventories since it influences the outcomes in both of these countries. Therefore, the
HEXACO personality inventory is proven to substantially outperform the FFM in predicting
these workplace outcomes.
Hypothesis 2a, 2b, 2c, and 2d concern the relationships between job competencies and
employee work outcomes. Job competencies not only include the individual’s knowledge,
abilities, and skills, but also encompass the employee’s values, motivation, and other
personal characteristics. In the survey of U.S. employees, job competencies are found to
significantly impact job performance and turnover intention, but not absenteeism and
tardiness. In the survey of Chinese employees, job competencies are proven to have a
significant relationship with job performance, but not the other three workplace outcomes.
Hypothesis 3a, 3b, 3c, and 3d focused on the relationships between P-O fit and workplace
outcomes. P-O fit is an important aspect of personnel selection procedures and human
resource management. Companies have tried to maintain a good fit between employees and
the organizations because it is obvious that certain people can perform better in certain
organizations rather than in others. Culture has a critical impact on the degree of matching
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prospective employees to an organization (Rousseau, 1990). It has been proven by this study
that P-O fit has a significant relationship with job performance in the survey of U.S.
employees. On the other hand, turnover intention and absenteeism are found to be
significantly impacted by P-O fit in the survey of Chinese employees. Thus, P-O fit has
different influences on workplace outcomes in different cultures.
Highly globalized workforce generated attention on the contribution of national culture
on the variations in respective relationships between U.S. and Chinese samples. In the current
research, power distance, individualism-collectivism, and uncertainty avoidance are
discussed and compared in both countries. They are the main factors contributing to the
variance in these two countries. Furthermore, the impacts of national economic growth,
infrastructure support for families, and social welfare provisions allocations also significantly
influence the respective relationships between the U.S. and Chinese samples. Results from
this study offered support for Hypothesis 4 as well. In addition to the differences in
respective relationships between U.S. and Chinese samples regarding employee
characteristics and the four workplace outcomes, a set of biodata also showed significant
differences in respective relationships between these two countries as previously discussed.
TABLE 14 presents the summary of hypotheses discussion.

TABLE 14 Summary of Hypotheses Discussion
Hypothesis

Decision

Hypothesis 1: At least one of the personality factors Supported
has a significant relationship with one of the following
workplace

outcomes:

job

performance,

intention, absenteeism, and tardiness.

turnover
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TABLE 14 Continued
Hypothesis 2a: Job competency is significantly

Supported

associated with job performance.
Hypothesis 2b: Job competency is significantly

Not supported

associated with turnover intention.
Hypothesis 2c: Job competency is significantly

Supported by the U.S. sample

associated with employee absenteeism.
Hypothesis 2d: Job competency is significantly

Not supported

associated with employee tardiness.
Hypothesis 3a: P-O fit is significantly associated Supported by the U.S. sample
with job performance.
Hypothesis 3b: P-O fit is significantly associated Supported by the Chinese sample
with turnover intention.
Hypothesis 3c: P-O fit is significantly associated Supported
with employee absenteeism.
Hypothesis 3d: P-O fit is significantly associated Not supported
with employee tardiness.
Hypothesis 4: There will be significant differences Supported
in respective relationships between U.S. and Chinese
samples regarding the following workplace outcomes:
job performance, turnover intention, absenteeism, and
tardiness.

5.2 Limitations
Certain limitations of this study must be acknowledged. First, this study collected 155
samples and 97 samples from U.S. companies and Chinese companies respectively, which is
a relatively small amount of primary data collected from both countries. Second, the survey
conducted by this study was based on self-report responses, which may undermine the
reliability of the study. Third, it is possible that the predictor and criterion measures in this
study may not have addressed all of the core components of job candidates’ characteristics
and workplace outcomes. Some studies in this field focused on other aspects of workplace
outcomes, such as organizational citizenship behavior (OCB), job satisfaction, leader-
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subordinate relationship, etc. Fourth, there might be multicollinearity among the predictor
and criterion measures. In addition, different organizations may pursue different goals, which
depend on the specific properties and characteristics of the organizations. For example,
absenteeism and tardiness may be vital in most of traditional enterprises, but not the focuses
in flexible working organizations.
Future research would be appropriate to address the limitations of this study. Collecting a
larger dataset may generate more valid results. Also, data can be collected from more
countries of the world to measure whether or how cultural factors influence the respective
relationships. In addition, this study focuses on the P-O fit, future research may extend this
study by analyzing more aspects of person-environment (P-E) fit, such as person-job fit,
person-group fit, and person-supervisor fit. In future research effort, a more disaggregated
model can be created based on the needs of specific organizations. The general model built
by the current study may be tailored to meet the needs of different types of organizations
based on their specific demands.
5.3 Conclusion
This study offers a conceptual model in personnel selection research, and investigates
suitable personnel selection methods that assist recruiters in selecting the right person with
the potential to contribute most to a business. It consolidates theories about personnel
selection in a cross-national setting and link them with specific personality traits, job
competencies, and P-O fit that could predict and enhance employee outcomes.
Although several limitations exist in this study, there are some interesting findings that
may have practical implications for both researchers and practitioners. Furthermore, the
present study employs a web-based dynamic survey system to save time, improve the
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response rate, and provide assessment accuracy. Additional research and testing of the model
developed by this study could offer substantial contributions to both science and practice
within the domain of personnel selection research.
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APPENDIX A
DESCRIPTIONS OF THE PERSONALITY SCALES
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APPENDIX B
CHRACTERISTICS OF THE SAMPLE POPULATION
Chinese Employees

U.S. Employees

Sex
Female

43

44.33%

67

43.23%

Male

54

55.67%

88

56.77%

younger than 20

0

0.00%

8

5.16%

20-29

31

31.96%

133

85.81%

30-39

40

41.24%

9

5.81%

40-49

23

23.71%

4

2.58%

50 and up

3

3.09%

1

0.65%

Single

36

37.11%

122

78.71%

Married

57

58.76%

24

15.48%

Divorced

3

3.09%

8

5.16%

Widow/Widower

1

1.03%

1

0.65%

Did not complete high school

2

2.06%

4

2.58%

High school

1

1.03%

22

14.19%

College/university

29

29.90%

81

52.26%

Professional or graduate degree

65

67.01%

47

30.32%

Prefer not to answer

0

0.00%

1

0.65%

0-5 years

27

27.84%

131

84.52%

6-10 years

20

20.62%

15

9.68%

11-15 years

25

25.77%

3

1.94%

16-20 years

12

12.37%

1

0.65%

more than 20 years

14

14.43%

5

3.23%

0-5 years

50

51.55%

143

92.26%

6-10 years

19

19.59%

6

3.87%

11-15 years

19

19.59%

4

2.58%

16-20 years

5

5.15%

0

0.00%

more than 20 years

5

5.15%

2

1.29%

Age

Marital status

Education

Full time work experience

Years worked for current employer
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Chinese Employees

U.S. Employees

Organization type
Energy

5

5.15%

16

10.32%

Materials extraction

0

0.00%

1

0.65%

Industrials
Consumer good production –
discretionary

21

21.65%

3

1.94%

2

2.06%

11

7.10%

Consumer good production – staples

0

0.00%

8

5.16%

Health care

1

1.03%

9

5.81%

Financial

15

15.46%

16

10.32%

Information technology

14

14.43%

58

37.42%

Telecommunication services

7

7.22%

6

3.87%

Utilities

6

6.19%

2

1.29%

Real estate

5

5.15%

2

1.29%

Education

15

15.46%

21

13.55%

Military

0

0.00%

2

1.29%

Government (non-military)

6

6.19%

0

0.00%

Unskilled Labor

13

13.40%

18

11.61%

Skilled Labor

19

19.59%

69

44.52%

Professional Work

65

67.01%

68

43.87%

Small

17

17.53%

67

43.23%

Medium

25

25.77%

33

21.29%

Large

55

56.70%

55

35.48%

Management

38

39.18%

41

26.45%

Independent contractor

0

0.00%

0

0.00%

Business owner

1

1.03%

9

5.81%

Owner-operator

2

2.06%

2

1.29%

Office and administrative support

10

10.31%

12

7.74%

Healthcare support

1

1.03%

2

1.29%

Protective services

1

1.03%

3

1.94%

Food preparation and services

0

0.00%

7

4.52%

0

0.00%

3

1.94%

Installation, maintenance, and repair

0

0.00%

3

1.94%

Grounds cleaning and maintenance

0

0.00%

1

0.65%

Other service

2

2.06%

24

15.48%

Trade worker or laborer

0

0.00%

2

1.29%

Professional, scientific, or technical

30

30.93%

35

22.58%

Type of job

Size of organization

Occupation

Personal care
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Chinese Employees
Educator

12

12.37%

U.S. Employees
8

5.16%
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APPENDIX C
DEA RESULTS OF U.S. SAMPLE

[1] 1.0000000 1.0000000 1.0000000 1.0000000 1.0000000 0.9216336 0.8966420
[8] 0.9500000 0.8672199 1.0000000 1.0000000 0.9288713 1.0000000 1.0000000
[15] 0.9800995 1.0000000 0.8214286 1.0000000 1.0000000 1.0000000 0.8965517
[22] 0.8925729 1.0000000 1.0000000 0.9898580 1.0000000 0.7951002 1.0000000
[29] 0.8865810 1.0000000 1.0000000 1.0000000 1.0000000 0.8163934 0.8147993
[36] 1.0000000 0.9916736 0.8939173 0.7346319 0.8750000 0.9420849 0.9285714
[43] 1.0000000 1.0000000 1.0000000 1.0000000 1.0000000 0.9065934 0.7935223
[50] 1.0000000 1.0000000 1.0000000 0.8738548 0.8505155 1.0000000 0.9836066
[57] 1.0000000 0.7787879 1.0000000 0.8634752 1.0000000 0.9413793 1.0000000
[64] 1.0000000 0.9079284 1.0000000 1.0000000 1.0000000 0.8081438 1.0000000
[71] 0.9714286 0.9791545 0.9545455 1.0000000 1.0000000 1.0000000 0.9642857
[78] 1.0000000 0.9900000 1.0000000 1.0000000 1.0000000 1.0000000 1.0000000
[85] 1.0000000 1.0000000 1.0000000 1.0000000 0.9750000 1.0000000 1.0000000
[92] 0.8259705 1.0000000 1.0000000 1.0000000 0.9341421 0.8541544 0.8865810
[99] 0.8958087 0.8461538 1.0000000 1.0000000 0.8268398 1.0000000 0.9976019
[106] 0.8933539 0.9106557 1.0000000 1.0000000 1.0000000 0.8231293 1.0000000
[113] 1.0000000 0.9259259 1.0000000 1.0000000 1.0000000 1.0000000 1.0000000
[120] 0.9219512 1.0000000 1.0000000 1.0000000 1.0000000 1.0000000 1.0000000
[127] 0.9926471 1.0000000 0.8854369 0.8272741 0.9130435 0.8292683 1.0000000
[134] 0.8387097 0.9487179 1.0000000 0.9047619 1.0000000 0.9942748 0.9838710
[141] 1.0000000 1.0000000 0.9333333 0.9200000 0.7106839 0.8421053 1.0000000
[148] 0.9285714 1.0000000 0.7924528 0.7127660 1.0000000 0.7500000 1.0000000
[155] 0.7000000
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APPENDIX D
DEA RESULTS OF CHINESE SAMPLE

[1] 0.9461538 0.9987332 1.0000000 1.0000000 1.0000000 0.9166667 1.0000000
[8] 1.0000000 0.7614576 1.0000000 1.0000000 0.8658147 1.0000000 0.8571429
[15] 1.0000000 1.0000000 0.8381503 1.0000000 0.9148227 1.0000000 1.0000000
[22] 1.0000000 0.8133333 1.0000000 1.0000000 1.0000000 1.0000000 0.9523810
[29] 0.8773585 1.0000000 1.0000000 0.9333333 1.0000000 1.0000000 0.8409166
[36] 1.0000000 1.0000000 1.0000000 1.0000000 1.0000000 0.9819005 0.8431373
[43] 1.0000000 0.9084010 1.0000000 1.0000000 0.9274194 1.0000000 0.9144893
[50] 0.9534884 0.9388587 1.0000000 1.0000000 1.0000000 1.0000000 0.8269878
[57] 0.9826979 1.0000000 1.0000000 0.8642001 0.9348958 1.0000000 1.0000000
[64] 1.0000000 1.0000000 0.9583333 1.0000000 1.0000000 1.0000000 0.8904110
[71] 1.0000000 0.9448438 1.0000000 1.0000000 1.0000000 0.8316832 0.7700722
[78] 1.0000000 1.0000000 0.9420290 0.8904110 1.0000000 1.0000000 0.7572545
[85] 1.0000000 0.7956343 1.0000000 1.0000000 1.0000000 0.8884892 0.8002367
[92] 1.0000000 0.8090403 1.0000000 0.9550938 0.8251366 0.9011628
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APPENDIX E
QUESTIONNAIRE

Demographic Characteristics
1. Your gender:
Male
Female
2. Your age:
3. Marital status:
Single
Married
Divorced
Widow/Widower
4. What is the highest level of education you have completed?
Did not complete high school
High school
College/university
Professional or graduate degree
Prefer not to answer
5. Approximately how many years of full time work experience have you had?
6. Approximately how many years have you worked for your current employer?
7. Which sector best describes the organization where you currently work?
Energy
Materials extraction (such as mining, oil drilling, or logging)
Industrials (production of goods used in construction and manufacturing)
Consumer good production – discretionary
Consumer good production – staples
Health care
Financial
Information technology
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Telecommunication services
Utilities
Real estate
Education
Military
Government (non-military)
8. My job is best described as:
Unskilled Labor (requires little or no training to perform)
Skilled Labor (requires moderate levels of training to perform)
Professional Work (requires high levels of training and/or specialized certification to
perform)
9. How would you classify your organization´s size?
Small (less than 100 employees)
Medium (100 to 1,000 employees)
Large (more than 1,000 employees)
10. Which category best describes your occupation?
Management
Independent contractor
Business owner
Owner-operator
Office and administrative support
Healthcare support
Protective services
Food preparation and services
Personal care
Installation, maintenance, and repair
Grounds cleaning and maintenance
Other service
Trade worker or laborer
Professional, scientific, or technical
Educator
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Personality Traits Scale
DIRECTIONS
On the following pages you will find a series of statements about you.

Please read each

statement and decide how much you agree or disagree with that statement.

Then write your

response in the space next to the statement using the following scale:
5 = strongly agree
4 = agree
3 = neutral (neither agree nor disagree)
2 = disagree
1 = strongly disagree
1.

I would be quite bored by a visit to an art gallery.

2.

I clean my office or home quite frequently.

3.

I rarely hold a grudge, even against people who have badly wronged me.

4.

I feel reasonably satisfied with myself overall.

5.

I would feel afraid if I had to travel in bad weather conditions.

6.

If I want something from a person I dislike, I will act very nicely toward that person in

7.

I'm interested in learning about the history and politics of other countries.

8.

When working, I often set ambitious goals for myself.

9.

People sometimes tell me that I am too critical of others.

10.

I rarely express my opinions in group meetings.

11.

I sometimes can't help worrying about little things.

12.

If I knew that I could never get caught, I would be willing to steal a million dollars.

13.

I would like a job that requires following a routine rather than being creative.

14.

I often check my work over repeatedly to find any mistakes.

15.

People sometimes tell me that I'm too stubborn.

16.

I avoid making "small talk" with people.

17.

When I suffer from a painful experience, I need someone to make me feel comfortable.

18.

Having a lot of money is not especially important to me.

19.

I think that paying attention to radical ideas is a waste of time.
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20.

I make decisions based on the feeling of the moment rather than on careful thought.

21.

People think of me as someone who has a quick temper.

22.

I am energetic nearly all the time.

23.

I feel like crying when I see other people crying.

24.

I am an ordinary person who is no better than others.

25.

I wouldn't spend my time reading a book of poetry.

26.

I plan ahead and organize things, to avoid scrambling at the last minute.

27.

My attitude toward people who have treated me badly is "forgive and forget".

28.

I think that most people like some aspects of my personality.

29.

I don’t mind doing jobs that involve dangerous work.

30.

I wouldn't use flattery to get a raise or promotion at work, even if I thought it would

31.

I enjoy looking at maps of different places.

32.

I often push myself very hard when trying to achieve a goal.

33.

I generally accept people’s faults without complaining about them.

34.

In social situations, I'm usually the one who makes the first move.

35.

I worry a lot less than most people do.

36.

I would be tempted to buy stolen property if I were financially tight.

37.

I would enjoy creating a work of art, such as a novel, a song, or a painting.

38.

When working on something, I don't pay much attention to small details.

39.

I am usually quite flexible in my opinions when people disagree with me.

40.

I enjoy having lots of people around to talk with.

41.

I can handle difficult situations without needing emotional support from anyone else.

42.

I would like to live in a very expensive, high-class neighborhood.

43.

I like people who have unconventional views.

44.

I make a lot of mistakes because I don't think before I act.

45.

I rarely feel anger, even when people treat me quite badly.

46.

On most days, I feel cheerful and optimistic.

47.

When someone I know well is unhappy, I can almost feel that person's pain myself.

48.

I wouldn’t want people to treat me as though I were superior to them.

49.

If I had the opportunity, I would like to attend a classical music concert.

50.

People often joke with me about the messiness of my room or desk.

51.

If someone has cheated me once, I will always feel suspicious of that person.

52.

I feel that I am an unpopular person.
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53.

When it comes to physical danger, I am very fearful.

54.

If I want something from someone, I will laugh at that person's worst jokes.

55.

I would be very bored by a book about the history of science and technology.

56.

Often when I set a goal, I end up quitting without having reached it.

57.

I tend to be lenient in judging other people.

58.

When I'm in a group of people, I'm often the one who speaks on behalf of the group.

59.

I rarely, if ever, have trouble sleeping due to stress or anxiety.

60.

I would never accept a bribe, even if it were very large.

61.

People have often told me that I have a good imagination.

62.

I always try to be accurate in my work, even at the expense of time.

63.

When people tell me that I’m wrong, my first reaction is to argue with them.

64.

I prefer jobs that involve active social interaction to those that involve working alone.

65.

Whenever I feel worried about something, I want to share my concern with another person.

66.

I would like to be seen driving around in a very expensive car.

67.

I think of myself as a somewhat eccentric person.

68.

I don’t allow my impulses to govern my behavior.

69.

Most people tend to get angry more quickly than I do.

70.

People often tell me that I should try to cheer up.

71.

I feel strong emotions when someone close to me is going away for a long time.

72.

I think that I am entitled to more respect than the average person is.

73.

Sometimes I like to just watch the wind as it blows through the trees.

74.

When working, I sometimes have difficulties due to being disorganized.

75.

I find it hard to fully forgive someone who has done something mean to me.

76.

I sometimes feel that I am a worthless person.

77.

Even in an emergency I wouldn't feel like panicking.

78.

I wouldn't pretend to like someone just to get that person to do favors for me.

79.

I’ve never really enjoyed looking through an encyclopedia.

80.

I do only the minimum amount of work needed to get by.

81.

Even when people make a lot of mistakes, I rarely say anything negative.

82.

I tend to feel quite self-conscious when speaking in front of a group of people.

83.

I get very anxious when waiting to hear about an important decision.

84.

I’d be tempted to use counterfeit money, if I were sure I could get away with it.

85.

I don't think of myself as the artistic or creative type.
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86.

People often call me a perfectionist.

87.

I find it hard to compromise with people when I really think I’m right.

88.

The first thing that I always do in a new place is to make friends.

89.

I rarely discuss my problems with other people.

90.

I would get a lot of pleasure from owning expensive luxury goods.

91.

I find it boring to discuss philosophy.

92.

I prefer to do whatever comes to mind, rather than stick to a plan.

93.

I find it hard to keep my temper when people insult me.

94.

Most people are more upbeat and dynamic than I generally am.

95.

I remain unemotional even in situations where most people get very sentimental.

96.

I want people to know that I am an important person of high status.

97.

I have sympathy for people who are less fortunate than I am.

98.

I try to give generously to those in need.

99.

It wouldn’t bother me to harm someone I didn’t like.

100.

People see me as a hard-hearted person.

Scale for Competencies
5 = Excellent
4 = Far Above Average
3 = Above Average
2 = Average
1 = Below Average
1. Actively participates as a team member to move the team toward the completion of goals.
Maintains strong, personal connections with key team members and stakeholders. Aligns
personal work and performance with the broader team to achieve mutual outcomes.
2. Actively identifies problems and opportunities for change and implements solutions
where appropriate. Maintains effectiveness when experiencing major changes in work
tasks or the work environment; adjusts effectively to work within new structures,
processes, requirements or cultures.
3. Has solid knowledge of the FAS, his or her department, and current position, as well as
policies, processes, practices, and tools required to complete the work efficiently and
effectively. Fully understands aspects of required responsibilities and skills needed to be
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successful in this role.
4. Understands how to leverage key resources to achieve objectives and reaches closure on
projects and deliverables. Works steadily toward achieving goals and consistently meets
deadlines in a timely way. Monitors results and makes adjustments as needed and
accepts responsibility for outcomes. Continues forward in the face of obstacles or when
the path forward is less clear.
5. Exhibits effective listening skills and checks for understanding. Demonstrates strong
verbal and written communication and actively listens to others’ ideas and suggestions.
Informs others of what is needed in a clear and concise manner. Consistently shares
appropriate information with those who need to know.
Performance Scale
5 = Excellent
4 = Far Above Average
3 = Above Average
2 = Average
1 = Below Average
(Supervisor's Rating)
1. Which of the following selections best describes how your supervisor rated you on your
last formal performance evaluation?
(Production:

Quantity)

2. How does your level of production quantity compare to that of your colleagues'
productivity levels?
(Production:

Efficiency)

3. How efficiently do you work compared to your colleagues? In other words, how well do
you use available resources (money, people, equipment, etc.)?
(Adaption: Awareness of Potential Solutions)
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4. Compared to your colleagues, how effective are you with keeping up with changes that
could affect the way you work?
(Flexibility)
5. How well do you handle work place emergencies (such as crisis deadlines, unexpected
personnel issues, resource allocation problems, etc.) compared to your colleagues?
Scale for Turnover Intentions
For each statement, please select which response best describes your feelings about your
current work situation.
5 = strongly agree
4 = agree
3 = neutral (neither agree nor disagree)
2 = disagree
1 = strongly disagree
1. I would change jobs if I could find another position that pays as well as my current one.
2. I am actively looking for another job.
Absenteeism Scale
Please answer the following questions about your usual work attendance habits.
5 = strongly agree
4 = agree
3 = neutral (neither agree nor disagree)
2 = disagree
1 = strongly disagree
1.

I miss work far more often than my co-workers.

2.

I would only miss work under very exceptional circumstances.
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Tardiness Scale
During the last two weeks, how many days did you arrive late?
P-O Fit Scale：
5 = strongly agree
4 = agree
3 = neutral (neither agree nor disagree)
2 = disagree
1 = strongly disagree
1. I really fit in at this company.
2. My values match those of current employees in the company.
3. You often frustrated when not given the opportunity at work to achieve your personal
work-related goals.
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